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Abstract 
This study assessed the revenue impact of Digital Payment Solutions (DPS) using a longitudinal panel dataset 
of 1,200 U.S. small and medium-sized enterprises (SMEs) observed over 14,400 firm-period observations. The 
sample included SMEs from retail (30.0%), food service (20.0%), personal services (17.5%), professional 
services (16.7%), and repair-based industries (15.8%), with 70.0% employing fewer than 20 employees. 
Descriptive results showed mean logged revenue of 10.42 (SD = 0.88) and an average digital sales share of 
49.6% (SD = 24.3%). DPS adoption increased from 68.0% in the early period to 85.0% by the final period. 
Reliability analysis confirmed strong internal consistency for the main constructs, including DPS intensity 
(α = 0.86), breadth (α = 0.79), and integration (α = 0.82). Two-way fixed effects regression models controlling 
for firm size, age, sector, location, channel mix, and competitive density indicated that DPS adoption was 
positively associated with revenue (β = 0.082, p < 0.001), corresponding to an average revenue increase of 
approximately 8.2% relative to pre-adoption levels. Usage intensity demonstrated the strongest effect (β = 
0.214, p < 0.001). Payment breadth was also significant (β = 0.036, p = 0.010), while integration showed a 
moderate positive effect (β = 0.051, p = 0.020). Dynamic models confirmed revenue persistence (lagged revenue 
β = 0.641, p < 0.001) and maintained coefficient stability. The baseline model explained 42% of within-firm 
revenue variation (within R² = 0.42). Overall, findings provided robust quantitative evidence that DPS 
adoption, particularly when used intensively and integrated operationally, was positively associated with SME 
revenue performance in the U.S. context. 
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INTRODUCTION 
Digital payment solutions refer to electronically mediated methods of transferring monetary value 
between buyers and sellers using digital infrastructure rather than physical cash. In small-business 
settings, this term commonly includes debit and credit card acceptance, mobile wallet payments, online 
payment gateways, contactless point-of-sale transactions, peer-to-merchant transfer systems, 
automated clearing house transfers, QR-based payments, and integrated invoicing systems that allow 
customers to pay through embedded links (Hassan et al., 2020). Digital payment solutions also include 
the hardware and software ecosystem that supports acceptance, such as card readers, mobile POS 
devices, terminal software, gateway APIs, fraud screening systems, and accounting integration tools. 
For small and medium-sized enterprises (SMEs), digital payment acceptance is not only a transactional 
method but also a business capability that influences customer convenience, purchasing speed, 
transaction documentation, and the ability to participate in both physical and digital commerce. 
Revenue, in quantitative terms, refers to the total sales receipts generated by a firm over a given period, 
usually measured before expenses and operating costs. When revenue is observed across multiple time 
periods for the same firms, it becomes a dynamic outcome shaped by demand, pricing, competition, 
seasonal patterns, and operational capacity . The quantitative relationship between digital payment 
solutions and SME revenue is therefore anchored in the idea that payment mechanisms affect both 
customer-side behaviors and firm-side operational processes. At the customer level, payment 
convenience can reduce friction during checkout, increase the probability of purchase completion, and 
support higher average transaction values when buyers are not constrained by cash availability. At the 
firm level, digital payments can reduce the administrative burden of cash handling, improve 
recordkeeping accuracy, and enable more consistent sales reporting (Faysal & Shamsunnahar, 2022; 
Maurer et al., 2018).  
In a modern commerce environment, payment solutions also function as access infrastructure because 
many consumer channels require digital payment acceptance, including e-commerce marketplaces, 
delivery platforms, subscription billing, and online ordering systems. This makes digital payment 
solutions particularly significant for SMEs, which often operate with limited staff, limited technology 
capacity, and constrained financial buffers. The international significance of digital payments emerges 
from the role of payment digitization in shaping economic participation, transaction formalization, and 
the expansion of digital commerce (Habibullah & Zaheda, 2022; Jahangir & Shahab, 2022). Many 
economies have observed measurable relationships between payment modernization and retail 
growth, enterprise formalization, and improved transactional efficiency. The U.S. SME market 
provides a particularly meaningful context because of its diversity in sector composition, the high 
prevalence of card and wallet usage among consumers, and the strong competitive environment among 
payment service providers (Hassan et al., 2021; Ratul, 2022; Ratul & Subrato, 2022). These conditions 
create measurable variation in adoption, intensity of usage, and performance outcomes. The title of this 
study positions the research within a quantitative impact assessment framework, meaning the objective 
is to estimate how changes in digital payment adoption and usage relate to changes in revenue over 
time. The use of panel data from 1,200 U.S. SMEs is central to the methodological strength of the 
research because it allows the analysis to track within-firm changes across time rather than relying only 
on cross-sectional comparisons. 
Digital payment solutions influence SME revenue through multiple behavioral and operational 
pathways that can be formalized into measurable constructs for quantitative analysis. One foundational 
mechanism is transaction convenience, which affects purchase completion and customer satisfaction. 
In many retail and service environments, customers increasingly expect to pay electronically, and the 
absence of digital payment options can function as a demand barrier. When SMEs adopt card 
acceptance, mobile wallets, or digital invoicing, they reduce the likelihood of abandoned purchases 
caused by insufficient cash or inconvenience (Caliskan, 2020; Jahangir & Mohiul, 2023; Bhuya & Rebeka, 
2022). Another pathway relates to transaction speed and queue management. Faster payment 
processing can increase throughput during peak hours, allowing firms to serve more customers within 
the same time window, which can translate into revenue gains in high-volume contexts. Digital 
payment solutions also enable omnichannel selling, allowing SMEs to generate sales through online 
stores, social media commerce, delivery platforms, and remote invoicing. These channels are often 
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impossible to operate effectively without digital payment infrastructure, making adoption a structural 
requirement for participation. Additionally, digital payments provide systematic transaction records. 
This recordkeeping can reduce revenue leakage caused by manual errors, improve reconciliation 
accuracy, and strengthen internal controls. For SMEs, which often rely on simplified accounting 
practices, automated payment records can improve the completeness of revenue reporting and reduce 
administrative overhead (Jinnat & Rakib, 2023; Khaled & Mosheur, 2023). Digital payment systems also 
connect to customer relationship mechanisms. Many payment solutions provide customer-level data, 
digital receipts, and loyalty integration. When SMEs use these features, they can increase repeat 
purchasing, personalize offers, and strengthen customer retention, which is a revenue-relevant 
outcome. Payment digitization also interacts with business financing (Shahab & Aditya, 2023; Mostafa, 
2023). Digitally recorded revenue streams can be used by financial institutions and fintech lenders to 
evaluate creditworthiness. Improved access to working capital can enable inventory expansion, service 
capacity increases, or marketing investments, all of which can influence revenue trajectories. Another 
important mechanism involves consumer spending psychology (Aziz & Naima, 2021).  
 

Figure 1: Digital Payments Drive SME Revenue 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
A central motivation for quantitative impact assessment is the recognition that SMEs do not adopt 
digital payment solutions randomly. Adoption decisions are shaped by managerial preferences, 
business maturity, customer demand, competitive pressure, and technological readiness. This creates 
selection effects that can bias simple comparisons between adopters and non-adopters. Firms that 
adopt earlier may already have higher growth potential, better operational systems, or more digitally 
oriented customer bases (Diniz et al., 2019; Mostafa & Bhuya, 2023; Ratul & Aditya, 2023). A panel data 
framework is particularly well suited to addressing these challenges because it allows the researcher to 
compare firms to themselves over time, isolating the association between adoption changes and 
revenue changes within the same enterprise. The use of panel data also allows the inclusion of time 
fixed effects that capture common macroeconomic shocks, sector-level shifts, and seasonal patterns 
affecting all firms. This is essential for SMEs because revenue can fluctuate due to macroeconomic 
cycles, inflation, regional demand changes, and industry-specific conditions. Panel models can also 
include firm fixed effects, which control for unobserved time-invariant factors such as location 
advantages, baseline customer loyalty, long-run pricing strategy, and managerial competence. These 
methodological features strengthen the credibility of the estimated relationships between digital 
payment adoption and revenue. Another advantage of panel data is the ability to model dynamic 
effects. Revenue is not only influenced by current adoption status but also by past performance, 
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customer retention, and lagged operational adjustments. Firms may experience adoption learning 
curves in which benefits emerge gradually as employees become familiar with the system, as customers 
adjust to new payment options, and as the firm integrates payments into broader workflows. Panel 
methods can capture such dynamics through lagged variables or event-time specifications. The panel 
structure also enables the modeling of adoption intensity. Many SMEs adopt digital payments in stages, 
beginning with basic card acceptance, then adding contactless payments, then integrating online 
invoicing, and later adopting e-commerce gateways or subscription billing tools (Saiedi et al., 2021). 
These staged changes create variation that can be exploited statistically to estimate marginal revenue 
impacts. Measurement of digital payment solutions can therefore be operationalized through binary 
adoption indicators, usage share metrics, transaction counts, or the number of enabled payment 
channels. The title of this study emphasizes “digital payment solutions” rather than a single instrument, 
suggesting a broader conceptualization that captures this layered adoption process. The sample size of 
1,200 SMEs provides sufficient statistical power for modeling heterogeneity and for testing whether 
revenue effects differ across firm categories. Heterogeneity is central because adoption may be more 
beneficial for firms with higher customer turnover, higher reliance on impulse purchases, or greater 
online channel potential. Another key issue in impact assessment is endogeneity. Firms may adopt 
digital payments in response to revenue declines, changes in customer demand, or competitive threats 
(Goodell et al., 2022). This can produce reverse causality where revenue changes drive adoption rather 
than adoption driving revenue changes. Panel econometrics provides tools to address this through 
fixed effects, lagged adoption variables, and robust inference strategies. The quantitative focus of this 
study therefore aligns with the broader need for evidence-based understanding of how payment 
modernization affects SME performance in real market conditions. 
 

Figure 2: Digital Payments Increase SME Revenue 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The primary objective of the study titled “Quantitative Impact Assessment of Digital Payment 
Solutions on Small Business Revenue: Panel Data Analysis from 1,200 U.S. SMEs” is to quantitatively 
estimate the magnitude, direction, and statistical significance of the relationship between digital 
payment solution adoption and small business revenue performance over time by leveraging 
longitudinal observations from a large and diverse sample of U.S. small and medium-sized enterprises. 
This objective centers on producing a measurable impact estimate by comparing revenue trajectories 
within the same SMEs across multiple periods as their digital payment capabilities change in adoption 
status or usage intensity. The study aims to operationalize digital payment solutions as observable, 
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business-level payment acceptance and transaction-processing capabilities that may include card 
acceptance, contactless payments, mobile wallets, online payment gateways, digital invoicing, and 
integrated point-of-sale payment functions, and to translate these capabilities into quantifiable 
indicators suitable for panel modeling. A second component of the objective is to separate within-firm 
changes from between-firm differences by applying panel data techniques that control for stable firm 
characteristics such as location, baseline business model, managerial structure, and sector-specific 
operating norms, while also controlling for time-related shocks that influence all firms, including 
macroeconomic conditions, seasonal fluctuations, and sector-wide demand cycles. The study also seeks 
to evaluate impact heterogeneity by determining whether estimated revenue effects vary systematically 
across firm categories, such as industry sector, firm size group, channel structure (primarily in-person 
versus mixed or online-intensive operations), and transaction profile (high-frequency/low-ticket 
versus low-frequency/high-ticket sales), using interaction terms and subgroup estimations within the 
panel framework. Another objective embedded in the design is to assess the role of adoption intensity 
and channel breadth, distinguishing between simple adoption and expanded, integrated use of 
multiple payment methods and channels, in order to test whether incremental features are associated 
with additional revenue gains. The overarching objective remains to deliver a statistically grounded 
estimate of how digital payment solution adoption and usage correlate with revenue outcomes for 
SMEs in the U.S. context, using a structured panel approach that strengthens inference by accounting 
for unobserved firm-level stability and common time effects while preserving the empirical focus on 
revenue changes observed across the 1,200-firm dataset. 
LITERATURE REVIEW 
The literature review for “Quantitative Impact Assessment of Digital Payment Solutions on Small 
Business Revenue: Panel Data Analysis from 1,200 U.S. SMEs” synthesizes research streams that 
explain why and how digital payment solutions can alter small-business revenue and how those effects 
can be estimated credibly using longitudinal econometric designs (Hall & Schwartz, 2019). Because the 
study’s outcome is small business revenue and the empirical design is panel data, the review is 
organized around (a) definitional clarity for digital payment solutions and revenue measurement in 
SME settings, (b) theoretical mechanisms linking payment acceptance to revenue-generating processes, 
(c) empirical evidence on merchant payment adoption and performance outcomes, (d) platform 
economics and pricing structures that shape both adoption and realized revenue effects, and (e) 
quantitative identification strategies used in prior work to address selection, endogeneity, and time-
varying shocks in firm performance studies. The section also contextualizes the U.S. SME market as a 
setting characterized by high consumer adoption of electronic payments, heterogeneous merchant fee 
exposures, and rapid diffusion of integrated point-of-sale ecosystems, which jointly create measurable 
within-firm variation suitable for panel estimation (Cohen, 2018). Finally, the literature review 
establishes how the present study contributes by (1) using a large firm panel (1,200 SMEs) to observe 
within-firm revenue changes associated with adoption and intensity shifts, (2) modeling digital 
payment solutions as a multi-dimensional capability rather than a single adoption dummy, and (3) 
evaluating heterogeneity across sector, size, and channel structure using econometric specifications 
aligned with quantitative impact assessment. This structure ensures the review supports the study’s 
core objective: estimating the magnitude and robustness of the revenue impact of digital payment 
solutions under real-world SME conditions using panel methods. 
Digital payment solutions (DPS)  
Digital payment solutions (DPS) are consistently described in the literature as merchant-facing systems 
that allow a business to accept electronic forms of payment and complete the full transaction cycle from 
customer authorization to settlement and reconciliation (Wolff et al., 2019). This merchant-side 
definition is important because it clarifies that DPS is not limited to a payment method, but includes 
the operational and technological infrastructure required to make the payment usable in day-to-day 
business practice. For SMEs, DPS is often implemented through a combination of point-of-sale 
hardware, payment processing software, acquiring relationships, transaction routing services, 
settlement rules, security layers, and accounting integration. The literature commonly categorizes DPS 
into several major types based on how the payment is initiated and processed. Card-present 
transactions represent a foundational category for in-person commerce, including chip-based 
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payments, magnetic stripe swipes, and contactless “tap” transactions. Each of these methods is 
associated with different authentication processes, transaction speeds, and risk-sharing arrangements, 
which influence merchant preferences and adoption decisions. Card-not-present transactions form a 
second category that includes e-commerce payments, phone orders, and other remote payment 
scenarios. This category is operationally distinct because it typically requires gateways, digital 
credential storage, and stronger fraud screening. A third category involves mobile wallets and 
tokenized tap-to-pay systems, which combine consumer convenience with merchant-side hardware 
compatibility and software enablement. Online payment gateways and hosted checkouts constitute 
another category, especially relevant for SMEs that sell through websites, marketplaces, and platform-
based commerce (Elangovan & Sundaravel, 2021). Digital invoicing tools represent a separate DPS 
form, enabling SMEs to request payment through digital links, QR invoices, and embedded billing 
systems, which is particularly relevant for service-based and B2B SMEs. Account-to-account transfers 
also appear as a DPS category in the literature where bank-based electronic transfers or similar 
mechanisms are used for merchant payments. Across these categories, the literature stresses the 
importance of distinguishing between adoption, usage intensity, and feature breadth. Adoption refers 
to whether the business has enabled a specific payment capability. Usage intensity refers to how 
frequently the enabled capability is actually used, often reflected in the share of transactions or sales 
processed through that method. Feature breadth refers to the range of digital payment channels and 
tools the firm offers, such as accepting in-store card payments, enabling mobile wallets, and offering 
online invoicing simultaneously (Ferrer-Conill & Tandoc Jr, 2018). This conceptual separation is central 
to empirical research because SMEs frequently enable a payment option without using it heavily, and 
many firms gradually expand DPS capabilities rather than adopting everything at once. Therefore, DPS 
is best understood as a layered and evolving business capability rather than a simple yes-or-no 
technology. 
Small business revenue is widely treated in quantitative business research as a core performance 
outcome that captures the firm’s ability to generate sales over a defined period. Revenue is typically 
measured as gross sales, meaning the total value of sales receipts before subtracting operating costs, 
although some research uses net sales after accounting for refunds, returns, discounts, and adjustments 
(Peter & Petermann, 2018; Rifat & Rebeka, 2023; Zaheda & Farabe, 2023). The literature highlights that 
this definitional choice matters because revenue recorded in SME settings can be influenced by the 
business’s accounting system, transaction documentation practices, and the level of digital integration 
between payments and bookkeeping. In many SME datasets, revenue is aggregated monthly or 
quarterly because small businesses experience substantial volatility and because these time units align 
with common reporting cycles. Monthly aggregation provides higher resolution and can capture short-
term fluctuations linked to seasonal patterns, promotional events, and local demand shocks. Quarterly 
aggregation reduces noise and may improve stability in revenue measurement, although it can mask 
short-run adoption effects (Faysal & Bhuya, 2024; Towhidul & Uddin, 2024). Another measurement 
issue discussed in the literature is the functional form used for revenue in quantitative modeling. 
Logged revenue is often used to reduce skewness and interpret changes in proportional terms, while 
level revenue is used when the goal is to estimate absolute changes. The literature also emphasizes that 
SME revenue is affected by several volatility drivers that are especially pronounced in small firms. 
Seasonality is a dominant driver because SMEs often operate in industries with predictable demand 
cycles such as holiday retail, tourism, back-to-school commerce, and seasonal service demand 
(Sazzadul & Rebeka, 2024; Tasnim & Anick, 2024). Local demand cycles also shape revenue volatility 
because SMEs are sensitive to neighborhood-level economic conditions, local employment patterns, 
and regional cost-of-living changes (Wiig et al., 2020; Zaheda & Hamidur, 2024). Promotions and 
discounting practices create short-term revenue spikes or dips, especially for SMEs that rely on sales 
events, coupons, and loyalty-based pricing. Channel mix shifts are another major volatility driver, as 
SMEs increasingly sell through a combination of in-person, online, delivery, and remote service 
channels. Revenue may change not only because demand changes, but because the channel itself 
influences transaction size, customer acquisition patterns, and repeat purchase frequency. These factors 
are central to the present study because digital payment solutions can interact with all of them. DPS 
may influence revenue by increasing purchase completion, enabling new channels, and improving 
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transaction documentation. At the same time, the relationship can be confounded by the fact that firms 
adopt DPS when they are already changing their channel mix or responding to local competition 
(Czúcz et al., 2018). The literature therefore positions revenue as a valid outcome variable, but one that 
must be interpreted with careful attention to volatility, measurement consistency, and the broader 
operational context of SMEs. 
 

Figure 3: Digital Payment Solutions for SMEs 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The panel structure and unit of analysis are central operational components in quantitative impact 
assessment studies because they define how variation is used to estimate relationships. Panel data refer 
to repeated observations of the same firms across multiple time periods, allowing researchers to 
analyze within-firm change rather than relying solely on comparisons across different firms 
(Almanasreh et al., 2019). In SME research, the unit of analysis is typically the business entity, and the 
observation unit is often a firm-month or firm-quarter record. Firm-month panels allow researchers to 
observe adoption timing more precisely and capture short-term revenue changes, which can be 
important when the mechanisms of DPS operate through immediate transaction convenience and 
channel enablement. Firm-quarter panels are common when data quality is uneven or when revenue 
is noisy, as quarterly aggregation reduces volatility and measurement error. The literature also 
distinguishes between balanced and unbalanced panels. A balanced panel includes the same number 
of time observations for each firm, while an unbalanced panel contains missing observations for some 
firms due to entry, exit, reporting gaps, or changes in data systems. SME datasets are frequently 
unbalanced because small businesses may close, merge, change ownership, or switch payment 
providers and accounting platforms. The literature notes that unbalanced panels are not inherently 
problematic if handled correctly, and they often reflect real-world SME dynamics. Panel data methods 
are emphasized in the literature because they help address a major challenge in estimating the revenue 
effects of DPS: unobserved heterogeneity. SMEs differ in ways that are difficult to measure directly, 
including managerial competence, customer loyalty, brand reputation, and long-term business strategy 
(Merat et al., 2019). These factors influence both the likelihood of adopting digital payments and the 
level of revenue. By using within-firm variation, panel methods reduce bias caused by stable 
unobserved firm traits. The literature also recognizes that time-based shocks affect all firms 
simultaneously, such as inflationary conditions, changes in consumer confidence, sector-wide demand 
shifts, and national economic cycles. Panel designs allow the inclusion of time controls that account for 
these shared shocks, improving the credibility of the estimated association between DPS and revenue. 
Another point emphasized is that DPS adoption is rarely a single-time event. Many SMEs adopt in 
stages, meaning the panel structure must capture not only adoption timing but also subsequent 



American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

224 
 

expansions in feature breadth and increases in usage intensity. This staged adoption creates richer 
within-firm variation that can be exploited statistically (Miller, 2018). The literature also highlights that 
revenue is persistent over time, meaning current revenue tends to be correlated with past revenue due 
to customer retention and market positioning. This persistence is important because it can influence 
model selection and interpretation. Overall, the literature positions the panel structure as an essential 
component for studying DPS impacts because it aligns the data structure with the real-world process 
of gradual adoption and evolving revenue trajectories in SMEs. 
Theoretical Foundations Linking DPS  
The theoretical linkage between digital payment solutions (DPS) and small business revenue is strongly 
grounded in transaction friction and conversion theory. Transaction friction refers to any barrier, delay, 
or inconvenience that interrupts or complicates the completion of a purchase. In retail and service 
environments, checkout processes represent a critical conversion point where customer intent must be 
transformed into completed sales (Gebauer et al., 2020). When payment systems are limited, slow, or 
inconvenient, customers may abandon purchases, reduce basket size, or defer transactions entirely. 
Digital payment solutions reduce friction by expanding tender options, accelerating authorization, and 
simplifying customer interactions at the point of sale. The literature on retail operations and consumer 
behavior consistently shows that checkout convenience influences purchase completion rates, 
particularly in environments characterized by time sensitivity or impulse buying. In high-traffic SME 
contexts such as food service, specialty retail, and personal services, transaction speed directly affects 
throughput capacity. Faster authorization and tap-based payments reduce queue length and waiting 
time, enabling businesses to serve more customers during peak periods. This increase in throughput 
can translate into measurable increases in sales volume without requiring additional physical space or 
staffing (Ciliberti & Frascarelli, 2018). In e-commerce and remote commerce contexts, friction takes the 
form of checkout complexity, credential entry burden, and payment security concerns. Online payment 
gateways and stored credentials reduce these barriers and can increase conversion rates by minimizing 
procedural steps. Abandonment risk in digital environments is especially sensitive to payment 
experience, and simplified checkout flows have been associated with higher transaction completion. 
For SMEs that operate across physical and digital channels, DPS reduces transactional discontinuities 
between in-person and online commerce, thereby stabilizing customer purchase behavior. Transaction 
friction theory therefore provides a direct revenue mechanism: when the payment stage becomes more 
efficient and accessible, a greater proportion of initiated purchases are completed (Ben Arfi & 
Hikkerova, 2021). In addition to increasing completed transactions, lower friction may increase average 
transaction values by enabling add-on purchases at the point of payment. The combined effect of higher 
completion rates and increased throughput capacity creates a logical pathway through which DPS 
adoption can influence total revenue in measurable ways within a panel data framework. 
The two-sided market and network effect perspective provides a complementary theoretical 
foundation linking DPS to revenue. Payment systems operate within a platform environment that 
connects consumers and merchants through shared infrastructure. In such markets, adoption on one 
side of the platform influences participation on the other side. As consumer preference for electronic 
payments diffuses across a local market, merchant acceptance becomes increasingly necessary to 
remain competitive (Badran, 2021). Consumers who prefer card, contactless, or mobile wallet payments 
may avoid businesses that do not accept their preferred method. This creates a reinforcing dynamic in 
which consumer payment preferences shape merchant behavior, and merchant acceptance shapes 
consumer willingness to transact. The literature on platform economics emphasizes that such feedback 
loops can lead to localized equilibrium patterns, where high acceptance and high usage coexist and 
reinforce one another. For SMEs, this dynamic means that DPS adoption is not solely a technological 
decision but also a strategic positioning decision within a competitive ecosystem. If competing firms 
accept a wide range of digital payments, customer expectations adjust accordingly, and non-accepting 
firms may experience demand leakage. Conversely, early adopters in markets where digital payment 
penetration is rising may capture marginal customers who prioritize convenience and flexibility. The 
network effect logic also explains heterogeneity across sectors and regions (Lee & Kim, 2018). In densely 
populated or digitally mature areas, consumer-side adoption is often higher, making merchant 
acceptance more consequential for revenue. In contrast, in markets where digital payment diffusion is 
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slower, the immediate revenue effect of adoption may be more moderate. Local equilibrium dynamics 
further suggest that adoption intensity matters. A firm that accepts only basic card payments may 
capture some demand, while a firm that also enables contactless, mobile wallets, and online payments 
may align more fully with consumer preferences. This layered acceptance broadens the feasible 
transaction set and reduces the likelihood of mismatch between customer expectations and merchant 
capability (Somoye et al., 2022). The two-sided framework therefore situates DPS within a competitive 
and relational context, where revenue outcomes are shaped not only by internal operational efficiency 
but also by external alignment with evolving consumer payment norms. 
 

Figure 4: Digital Payments Enhance SME Revenue 

 
The information technology capability and complementarity perspective further explain why DPS 
adoption may influence revenue. Digital payment solutions function as operational capabilities that 
automate transaction recording, integrate financial flows, and connect payment processing with 
broader business systems (Schlatt et al., 2022). From this perspective, revenue effects are not solely 
driven by the payment method itself but by how payment systems interact with organizational 
processes. When DPS is integrated with point-of-sale systems, accounting software, and inventory 
management tools, transaction data flows seamlessly across functions. This integration reduces manual 
entry errors, accelerates reconciliation, and enhances the accuracy of financial reporting. For SMEs, 
which often operate with limited administrative capacity, such automation can free managerial time 
and reduce operational bottlenecks. Complementarity theory suggests that technology investments 
yield stronger performance effects when combined with organizational adjustments (Žičkienė et al., 
2022). For example, staff training ensures that employees can process transactions efficiently and 
resolve payment-related issues promptly. Process redesign, such as reorganizing checkout counters or 
adopting mobile POS devices, can amplify the speed benefits of digital payments. Consistent settlement 
practices improve cash-flow predictability, enabling more stable inventory purchasing and supplier 
payments. Inventory workflows connected to POS data allow real-time tracking of product movement, 
reducing stockouts and improving product availability. These complementary adjustments strengthen 
the link between DPS and revenue because they enhance the firm’s ability to capture and retain sales. 
Without integration and complementary practices, DPS may remain underutilized, limiting its 
potential impact. The literature consistently emphasizes that technology adoption alone does not 
guarantee performance gains; rather, it is the interaction between technology and organizational 
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structure that determines realized outcomes. In SME settings, where resource constraints heighten the 
importance of efficiency, well-integrated DPS can function as a core business capability (Alshawish et 
al., 2018). This capability perspective aligns with panel data analysis because capability development 
unfolds over time, and revenue changes may reflect gradual integration rather than instantaneous 
effects at the moment of adoption. 
Behavioral spending mechanisms and liquidity dynamics provide additional theoretical channels 
linking DPS to revenue. Payment method influences consumer spending patterns through 
psychological and practical mechanisms. Electronic payments often reduce the salience of spending 
compared to cash transactions, as the physical outflow of currency is replaced by abstract digital 
confirmation. This reduced salience can increase average basket size, particularly in discretionary 
consumption contexts (Mastronardi & Cavallo, 2020). Convenience effects also influence purchase 
frequency. When customers can complete transactions quickly and without cash constraints, they may 
engage in more frequent, smaller purchases. Mobile wallets and contactless payments further 
streamline transactions, lowering the cognitive and procedural effort required to complete a purchase. 
These behavioral shifts can cumulatively affect total revenue over time. Liquidity and cash-flow timing 
mechanisms operate on the firm side. Settlement speed and predictability influence working capital 
availability, which in turn affects a firm’s ability to maintain inventory, invest in marketing, or manage 
short-term obligations. Digital payments typically provide structured settlement cycles and 
documented transaction records, increasing financial transparency. For SMEs, predictable settlement 
enhances planning accuracy and reduces uncertainty in cash management. In addition, digital traces 
created through electronic payments improve revenue documentation completeness. Automated 
records reduce the risk of underreporting, lost receipts, and reconciliation discrepancies (Kerr et al., 
2019). More accurate documentation can influence reported revenue levels, particularly in firms 
transitioning from informal or cash-dominant systems. This documentation channel does not 
necessarily reflect new sales generation but can reflect more complete revenue capture. Combined, 
behavioral and liquidity mechanisms demonstrate that DPS influences revenue through both demand-
side and supply-side channels. On the demand side, changes in spending behavior and purchase 
frequency affect sales volume and basket size. On the supply side, improved cash-flow management 
and documentation accuracy stabilize revenue reporting and support operational continuity (Muchtar 
et al., 2018). These mechanisms, when considered alongside transaction friction, network effects, and 
organizational complementarity, provide a multi-layered theoretical foundation for examining the 
quantitative relationship between digital payment solutions and small business revenue in a panel data 
setting. 
Merchant Adoption of Digital Payments 
Merchant adoption of digital payment solutions (DPS) has been widely examined in empirical small-
business research as a decision shaped by cost structures, operational readiness, and the surrounding 
market environment. Across studies of SME technology uptake, direct and indirect costs repeatedly 
emerge as primary determinants. Direct costs include processing fees that scale with transaction values 
or counts, hardware acquisition costs for card readers or point-of-sale devices, and recurring 
subscription fees for software or gateway services (Adhikary et al., 2021). Indirect costs include the 
managerial time required to compare vendors, learn system features, adjust workflows, and handle 
ongoing administrative tasks such as dispute responses. Compliance burdens also appear as a 
consistent determinant, particularly where payment acceptance requires adherence to security 
standards, documentation procedures, or identity verification processes. Small firms often evaluate 
these costs relative to perceived demand benefits and the expected likelihood of lost sales when digital 
options are unavailable. Empirical findings frequently indicate that firms with low average ticket sizes 
and thin margins are especially sensitive to fee structures because even modest percentage-based 
charges can materially affect pricing strategies and perceived affordability for customers. Studies also 
report that cost sensitivity is not limited to the fee level itself but extends to fee complexity and 
predictability. When fee schedules are opaque or when chargeback penalties are uncertain, SMEs may 
postpone adoption or limit the set of enabled payment channels. Facilitating conditions are a second 
major determinant identified in empirical work. Internet reliability and network coverage influence the 
feasibility of real-time authorization and the stability of payment acceptance, especially for mobile 
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point-of-sale systems or for SMEs operating in older buildings, rural regions, or temporary retail 
environments. Vendor support and service reliability are repeatedly reported as adoption drivers 
because SMEs often lack in-house IT capacity and depend on external providers for setup, 
troubleshooting, and integration (Shree et al., 2021). Device availability also matters, as adoption may 
require compatible smartphones, tablets, terminals, or integrated POS systems. The literature further 
indicates that facilitating conditions operate jointly with managerial perceptions of ease of use and 
usefulness, implying that adoption is more likely when the technology is perceived as simple to 
implement and when support pathways are clear. Environmental pressures form a third determinant 
cluster repeatedly observed across empirical studies. Competitive intensity can compel adoption when 
peer firms in the same neighborhood or sector offer multiple digital payment options. Customer 
demand also functions as a direct adoption trigger, particularly when customers ask about card 
acceptance, contactless options, or mobile wallet usage. Sector norms shape adoption because some 
industries have already standardized electronic payments, while others maintain stronger cash 
traditions (Mishra et al., 2022). In many empirical observations, SMEs adopt not solely as an efficiency 
investment but as a legitimacy response to consumer expectations, competitive signals, and market 
norms that define what is considered an acceptable purchasing experience. 
 

Figure 5: Factors Influencing Digital Payment Adoption 

Empirical studies also show that DPS adoption among SMEs is typically staged rather than immediate, 
with firms gradually expanding capabilities as confidence, customer demand, and operational 
integration increase. Adoption staging often begins with basic card acceptance in physical locations 
because this capability addresses the most common non-cash consumer need while requiring relatively 
limited integration beyond a terminal and a processor relationship (Moghavvemi et al., 2021). Once 
basic acceptance is established, many firms expand to contactless transactions and mobile wallets 
because these methods often leverage the same infrastructure but require feature enablement and 
compatible hardware. A subsequent stage frequently involves gateway-enabled e-commerce 
acceptance, reflecting the increasing relevance of online channels and the operational need for remote 
payments. This stage introduces additional components such as hosted checkouts, payment links, fraud 
screening enhancements, and stronger authentication processes. Many SMEs add digital invoicing and 
recurring billing capabilities later, particularly in service-based sectors where payments occur after 
service delivery or where subscription models are used. The literature emphasizes that staged adoption 
reflects both learning and risk management. Firms initially adopt capabilities that feel familiar and 
operationally manageable, then move toward more complex forms that require deeper integration and 
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stronger compliance. Because adoption is staged, empirical research often distinguishes between 
adoption status and adoption intensity (Tounekti et al., 2019). Adoption status indicates whether a 
specific capability is enabled, while intensity captures how extensively the capability is used in actual 
sales. Studies operationalize intensity in several ways, commonly using the share of sales processed 
digitally as a continuous measure that captures the extent to which digital payments have replaced 
cash or checks. Another operationalization uses the share of transactions processed digitally, which can 
be informative when average ticket size varies across payment types or when digital payments are 
more common in certain transaction contexts. A third approach counts the number of enabled methods 
or channels, such as whether the firm accepts card-present payments, mobile wallets, online payments, 
and invoicing simultaneously. This channel-breadth measure captures the diversity of acceptance 
options and is often treated as a proxy for capability maturity. Empirical work also notes that enabled 
capability does not guarantee usage. Some firms enable online payments but continue to transact 
primarily in-person, while others accept contactless but observe low customer usage in certain 
demographic segments (Roussou et al., 2019). Therefore, staged adoption and intensity measurement 
are essential for understanding how digital payments relate to performance outcomes. These constructs 
also align with a panel data design because intensity can vary over time within the same firm, allowing 
researchers to observe how revenue and other outcomes move as usage becomes more substantial or 
as the firm expands the breadth of enabled payment options. 
Pricing, Fees, and Merchant Economics  
Pricing, fees, and merchant economics are central in the literature explaining why the revenue effects 
of digital payment solutions (DPS) differ across firms, even when adoption occurs under broadly 
similar technological conditions. A recurring empirical observation is that merchant acceptance is 
embedded in a complex fee architecture that shapes incentives, pricing behavior, and customer 
interactions (Chen et al., 2018). Merchant fee structures commonly combine percentage-based charges 
applied to the transaction value with per-transaction charges applied regardless of ticket size, creating 
heterogeneous cost burdens across SMEs with different sales profiles. Firms with small average tickets 
and high transaction counts often experience stronger exposure to per-transaction fees because fixed 
charges represent a larger share of each sale, while firms with larger tickets may be more sensitive to 
percentage fees because total fees scale with sale value. The literature treats this as a core reason why 
the same adoption decision can yield different realized outcomes across sectors such as food service, 
convenience retail, specialty retail, professional services, and repair services. Empirical research also 
emphasizes that merchant pricing is shaped by contractual variation, and SMEs often face contracts 
that differ substantially in transparency, predictability, and effective cost. Tiered pricing commonly 
groups transactions into qualified and non-qualified categories, creating uncertainty and limiting 
SMEs’ ability to predict total costs (Górka, 2018).  
Risk costs are another central theme in the literature explaining heterogeneous outcomes from digital 
payment adoption, particularly through the channels of fraud, chargebacks, and dispute processes. 
These risks vary strongly by payment type and selling channel, creating differences between in-person 
and online commerce. In-person card-present transactions tend to have lower dispute rates due to 
stronger authentication at the point of sale, while card-not-present transactions face higher exposure 
because the customer is remote and identity verification relies on credentials rather than physical 
presence (Hartley et al., 2019). The literature repeatedly emphasizes that SMEs expanding into e-
commerce or remote payment acceptance often experience an increase in dispute probability, which 
can create operational burdens and indirect revenue effects. Chargebacks can remove previously 
recorded revenue, trigger penalty fees, and require time-consuming documentation work. Even when 
revenue is measured before such adjustments in some datasets, disputes can influence merchant 
behavior by increasing caution, tightening customer screening, or restricting certain transaction types. 
Fraud risks also influence acceptance decisions and pricing strategies. SMEs that experience repeated 
disputes may adopt more conservative policies, such as requiring stronger verification, limiting 
international transactions, or reducing flexible return policies, each of which can affect conversion rates 
and customer experience (Cho et al., 2021). 
 
 



American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

229 
 

Figure 6: Digital Payment Revenue Influence Factors 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The literature notes that risk costs are not evenly distributed across SMEs. Firms selling digital goods, 
subscription services, high-value items, or remote services often have different risk exposure profiles 
compared to firms selling low-value items in-person. The ability to manage risk is also uneven. Larger 
SMEs may have dedicated staff for risk monitoring, while microbusinesses may struggle to respond 
within required timelines. This influences the realized cost of digital payments beyond headline 
processing fees. Dispute rules and evidence requirements can also vary by provider and payment 
instrument, adding institutional complexity that affects small merchants’ experiences. The literature 
positions these risk costs as a source of heterogeneity because they can reduce the net benefit of 
adoption and can shape customer experience policies that influence revenue. Therefore, differences in 
channel mix and risk exposure represent important contextual factors when interpreting revenue 
changes associated with DPS adoption in SME panels (Noori-daryan et al., 2018). 
U.S. SME Context and Relevance  
The U.S. small and medium-sized enterprise (SME) environment provides a particularly meaningful 
empirical setting for examining the revenue effects of digital payment solutions because consumer 
payment preferences are deeply embedded in everyday commercial practice. Across retail and service 
sectors, card payments and digital wallets have become routine instruments for both low-value and 
high-value transactions (Gallardo-Gallardo et al., 2020). The literature consistently documents that 
consumer in the United States rely heavily on debit and credit cards for point-of-sale purchases, and 
mobile wallet usage has expanded alongside contactless terminal availability. In such an environment, 
digital payment acceptance is frequently perceived not as an optional technological upgrade but as a 
baseline service attribute. Customers often expect the ability to pay electronically regardless of 
transaction size, and firms that fail to offer these options risk signaling inconvenience or outdated 
operations. Studies of consumer behavior indicate that tender preference influences store choice, 
especially in urban and suburban markets where customers can easily switch among nearby 
competitors. Electronic payment expectations are particularly pronounced in sectors such as food 
service, specialty retail, and personal care, where speed and convenience are central to customer 
experience (Miles & Morrison, 2020). The literature also notes generational variation in payment 
behavior, with younger consumers displaying higher comfort with mobile wallets and contactless 
payments, reinforcing the importance of acceptance breadth. At the same time, older consumers 
maintain strong card usage patterns, ensuring that electronic payments remain dominant across 
demographic groups. This widespread consumer reliance on digital instruments shapes merchant 
strategy because acceptance becomes tied to legitimacy and professionalism in the eyes of customers. 
Empirical research often finds that SMEs in digitally mature environments report customer inquiries 
about payment methods as a primary driver of adoption decisions. In this context, revenue implications 



American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

230 
 

emerge through the alignment between merchant capabilities and consumer expectations (Martins et 
al., 2022). When acceptance is viewed as a baseline requirement, non-acceptance can directly translate 
into lost transactions rather than neutral outcomes. Therefore, the U.S. consumer payment landscape 
creates a structural condition in which DPS adoption is closely linked to revenue capture opportunities, 
making it a highly relevant context for panel-based impact assessment. 

 
Figure 7: U.S. SMEs and Digital Payments 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The U.S. payment ecosystem is also characterized by a multilayered platform structure that shapes SME 
adoption pathways and operational outcomes. Payment facilitators, acquiring banks, processors, 
independent sales organizations, and integrated point-of-sale providers collectively form a competitive 
marketplace offering varied service bundles. This ecosystem structure influences both the cost and the 
functionality of digital payment solutions available to SMEs. Payment facilitators often simplify 
onboarding by aggregating merchants under a master account, reducing initial barriers to entry for 
microbusinesses and newly established firms (Ünal et al., 2019). Acquirers and processors provide 
transaction routing, settlement services, and compliance support, while integrated POS platforms 
embed payments directly into broader operational systems. The literature highlights that the bundling 
of payment services with analytics, inventory management, payroll tools, customer relationship 
features, and loyalty programs creates complementarities that extend beyond transaction processing. 
For SMEs, such bundling can reduce coordination costs by centralizing multiple operational functions 
within a single platform. At the same time, bundled ecosystems can create dependency, as switching 
providers may require migration of sales data, customer records, and workflow processes. Empirical 
research frequently observes that integrated platforms influence not only payment acceptance but also 
business analytics capacity, including real-time sales tracking, product performance analysis, and 
customer frequency monitoring (Heidt et al., 2019). These features can indirectly affect revenue by 
supporting more informed inventory decisions, targeted promotions, and demand forecasting. The 
competitive structure of the U.S. ecosystem also generates heterogeneity in contract terms, service 
quality, and support availability. SMEs differ in their exposure to fee models, service-level agreements, 
and dispute management processes based on the provider they select. This institutional diversity 
reinforces the importance of studying the U.S. setting because it provides variation in both adoption 
and implementation quality. In empirical analyses, such variation allows researchers to observe 
differences in revenue outcomes that are not attributable solely to the existence of digital payment 
acceptance but also to how that acceptance is operationalized within a broader technology platform 
environment (Mandviwalla & Flanagan, 2021). 
Estimating Revenue Impact  
Quantitative estimation of the revenue impact of digital payment solutions (DPS) in SMEs is vulnerable 
to several identification challenges that can bias results if not explicitly addressed in study design and 
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empirical modeling. A primary concern highlighted in the empirical literature is selection bias, which 
arises because SMEs adopt payment technologies through non-random processes linked to underlying 
firm characteristics. Early adopters often differ systematically from late adopters or non-adopters in 
ways that are correlated with revenue outcomes (Fox et al., 2021). These differences may include higher 
digital maturity, greater managerial openness to innovation, stronger access to capital, and a growth-
oriented business strategy that predisposes firms toward revenue expansion even without DPS 
adoption. SMEs that already use modern point-of-sale systems, maintain structured bookkeeping, or 
invest in online marketing may adopt DPS more quickly because the incremental integration burden is 
lower. Such firms may also attract customer segments that prefer digital payments, implying that their 
revenue trajectory could be steeper regardless of adoption. Selection bias can also operate through 
sector and geography. SMEs in digitally mature urban areas may adopt earlier due to stronger customer 
demand and competitive pressure, while rural firms may delay adoption due to infrastructure 
constraints. Without careful modeling, observed revenue differences between adopters and non-
adopters can reflect these baseline differences rather than a true DPS effect (Rubin et al., 2019). The 
literature also notes that selection can occur at multiple margins: selection into adoption at all, selection 
into more advanced features, and selection into higher usage intensity. Firms that expand to multiple 
channels, such as contactless, wallets, and online gateways, may be those already experiencing revenue 
growth or planning business expansion. This layered selection process means that simple adoption 
indicators may mask deeper differences in adoption quality and business capability. In panel settings, 
within-firm estimation helps reduce selection bias arising from time-invariant characteristics, yet 
selection can remain if adoption timing is correlated with time-varying factors that also affect revenue. 
Therefore, identification challenges begin with recognizing that adoption is strategic, constrained, and 
embedded in broader firm trajectories, making selection bias one of the most critical threats to valid 
inference in revenue impact assessment (Stubbs et al., 2020). 
 

Figure 8: DPS Revenue Impact Identification Challenges 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Omitted variable bias is another widely discussed identification challenge because many factors 
influencing SME revenue are difficult to observe or measure consistently across firms. The literature 
emphasizes that marketing intensity is a major determinant of revenue changes, yet marketing 
spending and effort are often unobserved in SME panel datasets. A firm adopting DPS might 
simultaneously invest in digital marketing, create promotions, or join delivery platforms, and these 
concurrent actions can drive revenue changes independently of payment adoption. Local competition 
is another omitted factor (Coady & Dizioli, 2018). Changes in competitor density, competitor pricing, 
or the entry of a major chain can influence revenue substantially. These changes also influence the 
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likelihood that SMEs adopt DPS, making competition a confounder. Managerial quality and business 
capability are especially challenging omitted variables. More capable managers may both adopt new 
technologies earlier and implement superior customer service, inventory management, and pricing 
strategies that increase revenue. Product changes and service redesign also introduce bias. SMEs often 
change menus, product lines, store layout, operating hours, or staffing levels, and these changes can be 
correlated with technology adoption events. For example, a firm may adopt a new POS system that 
includes DPS simultaneously with a broader rebranding effort. If product changes are not measured, 
revenue gains may be incorrectly attributed to payment adoption (Lyne et al., 2018). Similarly, channel 
expansion into e-commerce or delivery can both require DPS and independently increase revenue by 
expanding demand reach. The literature also points to local macro conditions such as neighborhood 
redevelopment, tourism cycles, and regional employment changes as unobserved drivers of revenue, 
which can be correlated with adoption through shifting customer demand. Even when panel models 
control for time effects, omitted variables that vary by location, sector, or firm strategy can remain 
problematic. Therefore, omitted variable bias is a persistent concern that can inflate or deflate estimated 
DPS effects depending on whether omitted factors move in the same direction as adoption and revenue. 
This risk is especially pronounced in observational settings where SMEs adopt DPS as part of a broader 
set of operational changes that are difficult to fully capture with available controls (Adu-Baffour et al., 
2019). 
Panel Econometric Approaches in Prior Firm-Performance Research  
Prior firm-performance research that evaluates technology adoption and operational interventions 
frequently relies on fixed effects models as a foundational approach for estimating impacts in panel 
datasets. The literature positions firm fixed effects as especially suitable when unobserved 
characteristics differ across firms and are plausibly correlated with both adoption decisions and 
performance outcomes (Barzin et al., 2018). In SME settings, these unobserved characteristics often 
include managerial quality, organizational culture, baseline customer loyalty, product positioning, 
neighborhood advantages, and long-run pricing strategy. Because such factors are difficult to measure 
directly and are often stable over time, firm fixed effects are used to remove their influence by focusing 
estimation on within-firm change rather than between-firm differences. This approach aligns with 
adoption studies because firms are rarely randomly assigned to adopt a technology; instead, adoption 
reflects strategy, capability, and market pressure. The literature also emphasizes that time fixed effects 
are critical when all firms are exposed to common stocks such as macroeconomic cycles, inflationary 
environments, sector-wide demand changes, or national policy shifts (Müller et al., 2018). Two-way 
fixed effects models incorporate both firm and time effects, and they are often treated as the baseline 
design in observational impact studies because they simultaneously control for stable firm 
heterogeneity and common temporal variation. In the context of digital payment adoption, two-way 
fixed effects are particularly relevant because payment adoption often co-occurs with broader changes 
in consumer behavior and economic conditions that affect all SMEs. The literature further notes that 
fixed effects models can incorporate time-varying controls such as staffing levels, store hours, channel 
mix, and local economic indicators, thereby strengthening the design by addressing observable 
confounders that change over time. At the same time, studies also recognize limitations: fixed effects 
models do not automatically solve endogeneity if adoption is driven by time-varying unobserved 
shocks, and estimates can be sensitive to how adoption timing is defined. Even so, fixed effects remain 
widely used because they provide a transparent and interpretable framework that is consistent with 
the logic of within-unit comparison. In technology adoption contexts, the literature frequently frames 
fixed effects as a credibility-enhancing step that reduces bias relative to cross-sectional models (Taveira 
et al., 2019). This empirical tradition provides a clear methodological foundation for estimating how 
digital payment solution adoption relates to revenue changes in SME panels, especially when the 
research objective is to isolate associations attributable to within-firm adoption and usage intensity 
shifts over time. 
Random effects models appear in prior research as an alternative to fixed effects when the analyst seeks 
to exploit both within-firm and between-firm variation, yet the literature treats their use as conditional 
on strong assumptions that can be difficult to defend in adoption settings. Random effects approaches 
assume that unobserved firm-specific factors are not correlated with the explanatory variables, 
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meaning that the unobserved characteristics influencing revenue are unrelated to technology adoption 
decisions (Ronoowah & Seetanah, 2022). In SME technology adoption studies, this assumption is often 
viewed as restrictive because factors such as managerial competence, innovation orientation, and 
baseline operational sophistication can plausibly influence both adoption and revenue. When this 
correlation exists, random effects estimates can be biased. The literature therefore frequently positions 
random effects as more appropriate in contexts where adoption is plausibly exogenous relative to 
unobserved traits or when the analyst has strong evidence that unobserved heterogeneity is not 
systematically related to adoption. In practice, studies sometimes use random effects as a robustness 
comparison, or they apply it when the key explanatory variable has limited within-firm variation. The 
literature also notes that random effects can be useful when the analyst seeks to estimate coefficients 
on time-invariant variables such as region, sector category, or baseline firm type, which fixed effects 
remove from the estimation. Because many adoption studies are interested in subgroup differences 
across industries or geographies, random effects may appear in descriptive or exploratory analyses 
(Khan & Abdul Subhan, 2019).  
 

Figure 9: Econometric Approaches for SME Analysis 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Construct-to-Model Link 
The literature on digital payments, technology adoption, and firm performance provides a clear 
construct-to-model roadmap that links conceptual ideas about digital payment solutions (DPS) to 
measurable variables suitable for panel estimation. A central theme across empirical studies is that DPS 
cannot be represented adequately by a single binary indicator without losing meaningful variation in 
adoption timing, implementation depth, and realized use (Sutcliffe et al., 2022). Many studies begin 
with adoption indicator(s) because they offer a straightforward operational definition: a firm is coded 
as an adopter when it has enabled a payment capability such as card acceptance, contactless payments, 
mobile wallets, online gateways, or digital invoicing. The literature often treats this indicator as a 
baseline representation of whether the firm has crossed a threshold of capability. At the same time, 
prior research emphasizes that adoption indicators alone can misrepresent treatment intensity because 
many SMEs enable payment systems but continue to rely heavily on cash or other methods. This leads 
to a second construct class: intensity measures. The most common intensity approach observed in the 
literature is the share of sales processed digitally, which captures the extent to which electronic 
payments have become integrated into actual revenue generation (Hewelt et al., 2020). Another 
common measure is the share of transaction counts processed digitally, which is useful when ticket 
sizes differ across payment types and when businesses process many small transactions. These 
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intensity measures are frequently treated as continuous indicators that vary over time, making them 
well-suited to panel models that rely on within-firm variation. A third construct class involves breadth 
measures, typically operationalized as the number of enabled payment methods or channels. The 
literature uses breadth to represent capability maturity and customer coverage, recognizing that 
accepting only one method may capture limited demand while enabling multiple methods can reduce 
mismatch between customer preferences and merchant acceptance. Breadth also aligns with staged 
adoption patterns documented in SME settings, where firms often expand from basic card acceptance 
to wallets, online gateways, and invoicing features. A fourth construct class involves integration 
measures, reflecting the literature’s emphasis on complementarities between payment systems and 
business operations. Integration is frequently represented through indicators such as POS-to-
accounting linkage, automated reconciliation features, inventory workflow connections, and invoicing 
feature use. These measures reflect the idea that DPS value is amplified when it is embedded in 
operational routines rather than functioning as a standalone payment tool (Karsai, 2018). Together, the 
literature supports a multidimensional measurement strategy for DPS that captures adoption status, 
realized use intensity, capability breadth, and operational integration, enabling a more faithful 
mapping from theoretical mechanisms to econometric variables. 
 

Figure 10: DPS Constructs for Revenue Modeling 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The dependent variable construction in revenue impact studies is also heavily informed by prior 
research, particularly regarding how revenue should be measured and transformed for empirical 
estimation in SME panels. The literature commonly treats revenue as the most consistently observed 
performance metric across SMEs because it can be derived from transactional records, sales systems, or 
accounting summaries (Adhikary et al., 2021). In panel designs, revenue is often aggregated at monthly 
or quarterly intervals to align with reporting practices and to reduce random noise relative to daily 
measurements. The choice between monthly and quarterly aggregation is typically framed as a trade-
off between temporal resolution and measurement stability. Monthly revenue captures short-run 
dynamics and can better align with adoption timing, especially when adoption effects operate through 
transaction convenience, throughput, and channel activation. Quarterly revenue reduces volatility and 
can be useful when business activity is noisy or when reporting quality varies. Another widely 
discussed issue is whether revenue should be modeled in levels or in a transformed form that reduces 
skewness. The literature frequently applies log transformation to revenue because revenue 
distributions across SMEs are often highly skewed, with a small number of firms generating 
substantially larger sales. Logged revenue also stabilizes variance, helping panel models fit more 
consistently across heterogeneous firms. At the same time, empirical studies often emphasize 
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robustness by testing alternative dependent constructs that capture different aspects of performance. 
Revenue growth rates are commonly used as an alternative because they represent dynamic expansion 
or contraction, controlling partially for baseline size differences (Mustapha, 2018). Growth-based 
measures can be particularly informative when comparing firms of different scales, though they can be 
sensitive to low baseline values and volatility. Revenue per employee is another alternative used in 
firm performance research when staffing data are available. This measure is often treated as a proxy 
for labor productivity and operational efficiency, providing a different lens on performance than total 
revenue alone. Because DPS can influence throughput and administrative efficiency, per-employee 
scaling can help interpret whether revenue changes reflect expanded volume, improved efficiency, or 
both. The literature also stresses the importance of aligning the revenue construct with the research 
question. When the study seeks to assess the impact of payment adoption on sales capture, revenue is 
treated as the central outcome because it reflects demand realization and transaction completion. Profit 
is often avoided in SME panel research because cost accounting is inconsistent and because fee 
structures vary widely (Trinugroho et al., 2022). Therefore, prior work provides a consistent rationale 
for operationalizing revenue as a time-aggregated outcome, often in logged form for baseline models, 
and then verifying the stability of findings under alternative constructs such as growth rates and per-
employee scaling when data permit. 
METHOD 
This study used a quantitative longitudinal panel design to estimate the impact of digital payment 
solutions on small business revenue across 1,200 U.S.-based SMEs observed over multiple time periods. 
A stratified sampling strategy ensured representation across sectors, regions, and firm sizes, including 
both adopters and non-adopters of digital payments. Data were collected from integrated transaction 
systems, accounting platforms, and payment processing records, with revenue measured at the firm-
period level. Key independent variables included a binary adoption indicator, usage and transaction 
intensity, breadth of enabled payment methods, and POS-accounting integration, while the primary 
dependent variable was logged total revenue per firm-period. Controls for firm size, age, sector, 
geography, channel mix, and local economic conditions were included to reduce confounding. 
 

Figure 11: Methodology of this study 
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FINDINGS 
This chapter presented the empirical findings derived from the quantitative analysis conducted to 
examine the impact of Digital Payment Solutions (DPS) on small business revenue among 1,200 U.S. 
SMEs. The analysis followed a structured statistical plan grounded in panel econometric modeling. The 
chapter reported descriptive statistics, reliability assessments, regression estimates, and formal 
hypothesis testing results. All statistical analyses were performed using longitudinal firm-time data, 
enabling within-firm comparisons across multiple periods. The primary dependent variable was 
logged firm revenue measured at regular intervals, while the independent variables included DPS 
adoption status, usage intensity, breadth of enabled payment methods, and system integration 
indicators. Control variables incorporated firm size, age, sector classification, geographic region, 
channel mix, and local economic indicators. The results were organized sequentially to ensure clarity, 
beginning with sample characteristics and proceeding through construct-level summaries, internal 
consistency evaluation, regression modeling outcomes, and hypothesis decision statements. The 
findings were interpreted in relation to statistical significance, coefficient direction, magnitude of effect, 
and model robustness. All reported results were based on firm-level clustered standard errors to 
account for serial correlation within SMEs over time. 
Respondent Demographics 
The final analytical sample consisted of 1,200 U.S. SMEs, providing strong representation across key 
industry groups and operational settings. Sector distribution showed that retail firms formed the 
largest segment (30.0%), followed by food service (20.0%), personal services (17.5%), professional 
services (16.7%), and repair-based industries (15.8%). Firm size patterns confirmed that the sample was 
dominated by micro and small businesses, with 70.0% employing fewer than 20 employees, while 
20.0% employed 20–49 employees, and only 10.0% fell within the upper SME range (50–249 employees). 
Geographic distribution indicated meaningful environmental diversity, with 45.0% of firms located in 
urban markets, 35.0% in suburban markets, and 20.0% in rural markets, supporting variation in 
consumer payment expectations and infrastructure availability. 

 
Table 1: Sector, Firm Size, and Geographic Distribution of SMEs (N = 1,200) 

Category Group Frequency (n) Percentage (%) 

Sector Retail 360 30.0 

 Food Service 240 20.0 

 Personal Services 210 17.5 

 Professional Services 200 16.7 

 Repair-Based Services 190 15.8 

Firm Size (Employees) Micro (1–9) 540 45.0 

 Small (10–19) 300 25.0 

 Small-Mid (20–49) 240 20.0 

 Upper SME (50–249) 120 10.0 

Geographic Market Type Urban 540 45.0 

 Suburban 420 35.0 

 Rural 240 20.0 

 
Firm age results showed that 55.0% of SMEs had operated for more than 5 years, while 30.0% had 
operated between 2 and 5 years, and 15.0% were younger firms operating for less than 2 years. Channel 
mix results indicated that 60.0% of firms were primarily brick-and-mortar, while 30.0% operated in an 
omnichannel structure, and 10.0% were online-heavy. Digital payment adoption was widespread 
across the panel period. A total of 85.0% of SMEs enabled at least one digital payment method, with 
card-present acceptance being the most common (80.0%), followed by contactless enablement (60.0%), 
mobile wallet acceptance (55.0%), online payment gateways (35.0%), and digital invoicing (25.0%). 
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Usage intensity varied substantially. The largest group processed 41–70% of sales digitally (35.0%), 
while 25.0% processed more than 70% digitally, and 15.0% processed less than 10% digitally, 
confirming strong within-sample variation suitable for panel estimation. Table 1 summarized the 
structural composition of the 1,200 SMEs included in the panel dataset. The sector distribution showed 
that retail firms were the largest group with 360 businesses (30.0%), followed by food service with 240 
firms (20.0%). The firm size distribution indicated that micro firms employing 1–9 employees were 
dominant, representing 540 firms (45.0%), while 120 firms (10.0%) operated in the upper SME category. 
Geographic distribution demonstrated that 540 firms (45.0%) were located in urban markets, 420 firms 
(35.0%) in suburban areas, and 240 firms (20.0%) in rural environments. 
 

Table 2: Firm Age, Channel Mix, Digital Payment Adoption, and Usage Intensity (N = 1,200) 

Category Group Frequency (n) Percentage (%) 

Firm Age Less than 2 years 180 15.0 

 2–5 years 360 30.0 

 More than 5 years 660 55.0 

Channel Mix Brick-and-mortar dominant 720 60.0 

 Omnichannel 360 30.0 

 Online-heavy 120 10.0 

Digital Payment Adoption Enabled any digital payment 1,020 85.0 

 No digital payment enabled 180 15.0 

Enabled Payment Methods Card-present acceptance 960 80.0 

 Contactless acceptance 720 60.0 

 Mobile wallet acceptance 660 55.0 

 Online payment gateway 420 35.0 

 Digital invoicing 300 25.0 

Digital Usage Intensity Less than 10% of sales digital 180 15.0 

 10–40% of sales digital 300 25.0 

 41–70% of sales digital 420 35.0 

 More than 70% of sales digital 300 25.0 

 
Table 2 presented the operational characteristics of SMEs, including firm age, channel structure, 
adoption, and digital usage intensity. The sample included 660 firms (55.0%) operating for more than 
five years, while 180 firms (15.0%) were younger than two years. Channel structure indicated that 720 
firms (60.0%) relied primarily on brick-and-mortar operations, while 360 firms (30.0%) used an 
omnichannel model. Digital payment adoption was high, with 1,020 firms (85.0%) enabling at least one 
digital payment option. Usage intensity varied, with 420 firms (35.0%) processing 41–70% of sales 
digitally. 
Descriptive Results by Construct 
Descriptive statistics were computed for all major constructs included in the panel analysis to assess 
distributional properties, variability, and overall suitability for regression modeling. Logged revenue 
demonstrated moderate dispersion across firms and time periods. The mean logged revenue was 10.42 
with a standard deviation of 0.88, indicating substantial cross-sectional and longitudinal variability. 
Raw revenue values ranged from USD 42,500 to USD 4.85 million annually, confirming right-skewness 
in the untransformed distribution. Seasonal variation was observed, with quarterly peaks 
corresponding to sector-specific high-demand cycles, particularly in retail and food service industries. 
Digital Payment Solution (DPS) adoption indicators showed progressive diffusion over the study 
window. At the beginning of the observation period, 68.0% of firms had enabled at least one digital 
payment method, increasing to 85.0% by the final period. Usage intensity, measured as the proportion 
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of total sales processed digitally, averaged 49.6% with a standard deviation of 24.3 percentage points, 
demonstrating wide heterogeneity across SMEs. Some firms processed less than 5% of sales digitally, 
while others exceeded 90%. Breadth measures showed that adopting firms enabled an average of 2.4 
payment methods, with values ranging from one to five methods. Integration indicators revealed that 
38.0% of firms had fully integrated payment systems with accounting platforms, while 27.0% linked 
payments to inventory systems. 
Control variables displayed expected distributional patterns. Average firm size was 18.6 employees 
with moderate variation, and mean firm age was 6.8 years. Online-intensive firms exhibited higher 
revenue volatility, with a standard deviation 18% higher than brick-and-mortar dominant firms. 
Competitive density indices averaged 12.4 competitors within defined geographic clusters in urban 
markets compared to 5.8 in rural areas. Overall, the descriptive analysis confirmed substantial cross-
sectional and temporal variation in both independent and dependent constructs, supporting the 
appropriateness of multivariate panel modeling. 
 

Table 3: Descriptive Statistics for Main Study Variables (Firm-Period Level) 

Variable Mean SD Minimum Maximum 

Logged Revenue 10.42 0.88 8.66 12.09 

Annual Revenue (USD) 1,245,000 985,000 42,500 4,850,000 

DPS Adoption (1=Yes) 0.85 0.36 0 1 

Digital Sales Share (%) 49.6 24.3 3.0 94.0 

Number of Payment Methods Enabled 2.4 1.1 1 5 

POS–Accounting Integration (1=Yes) 0.38 0.49 0 1 

Firm Size (Employees) 18.6 14.2 2 120 

Firm Age (Years) 6.8 4.5 1 22 

Online Sales Share (%) 28.4 21.7 0 90 

Competitive Density Index 9.8 6.3 1 28 

 
Table 3 reported descriptive statistics for the principal variables included in the analysis. Logged 
revenue averaged 10.42 with a standard deviation of 0.88, reflecting moderate variability across firms 
and time periods. The digital sales share averaged 49.6%, with a wide dispersion ranging from 3.0% to 
94.0%. Firms enabled an average of 2.4 payment methods, while 38.0% reported POS-accounting 
integration. The mean firm size was 18.6 employees, and firms averaged 6.8 years in operation. 
Competitive density averaged 9.8 competitors within local clusters, indicating substantial 
environmental variation. 
 

Table 4: Digital Payment Diffusion and Revenue Volatility by Channel Type 

Category Early Period (%) Final Period (%) Revenue SD 

Firms with Any DPS Enabled 68.0 85.0 — 

Contactless Enabled 42.0 60.0 — 

Mobile Wallet Enabled 35.0 55.0 — 

Online Gateway Enabled 22.0 35.0 — 

Brick-and-Mortar Dominant — — 0.74 

Omnichannel Firms — — 0.89 

Online-Heavy Firms — — 1.02 
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Table 4 illustrated diffusion patterns of digital payment adoption over time and revenue volatility by 
channel structure. Firms enabling any digital payment increased from 68.0% in the early period to 
85.0% in the final period. Contactless enablement rose from 42.0% to 60.0%, and mobile wallet adoption 
increased from 35.0% to 55.0%. Online gateway enablement grew from 22.0% to 35.0%. Revenue 
volatility, measured as the standard deviation of logged revenue, was highest among online-heavy 
firms at 1.02, compared to 0.89 for omnichannel firms and 0.74 for brick-and-mortar dominant firms. 
Reliability Results  
Internal consistency reliability was assessed for all multi-item constructs used to operationalize Digital 
Payment Solutions (DPS), including intensity, breadth, and integration measures. Reliability analysis 
was conducted using Cronbach’s Alpha to determine whether individual indicators consistently 
measured their intended latent constructs. The DPS intensity construct, composed of digital sales share 
and digital transaction count share, demonstrated strong internal consistency. The computed 
Cronbach’s Alpha for intensity was 0.86, exceeding the commonly accepted threshold of 0.70, 
indicating a high degree of coherence between the two indicators. Item-total correlations for the 
intensity components ranged from 0.74 to 0.81, confirming that both measures contributed 
meaningfully to the composite scale. 
The breadth construct, representing the number of enabled payment methods and channel types, 
produced a Cronbach’s Alpha value of 0.79, suggesting acceptable internal consistency. The individual 
components, including card-present acceptance, contactless enablement, mobile wallet acceptance, 
online gateway activation, and digital invoicing capability, exhibited corrected item-total correlations 
ranging between 0.58 and 0.72. These values indicated that each item aligned well with the underlying 
construct of payment capability breadth. 
Integration measures, including POS-accounting linkage, automated reconciliation usage, inventory 
workflow linkage, and invoicing automation, demonstrated a Cronbach’s Alpha coefficient of 0.82. 
Item-total correlations ranged from 0.61 to 0.77, indicating satisfactory internal consistency across 
integration features. No item deletion resulted in improved reliability coefficients, suggesting that all 
indicators contributed constructively to their respective scales. Overall, all constructs exceeded the 
minimum reliability benchmark of 0.70, supporting their use in regression modeling. 
 

Table 5: Cronbach’s Alpha for Digital Payment Constructs 

Construct Number of Items Cronbach’s Alpha Mean Item-Total Correlation 

DPS Intensity 2 0.86 0.78 

DPS Breadth 5 0.79 0.65 

DPS Integration 4 0.82 0.70 

 
Table 5 presented Cronbach’s Alpha coefficients for the primary multi-item constructs. DPS intensity, 
measured using two indicators, produced an alpha value of 0.86 with an average item-total correlation 
of 0.78, indicating strong internal consistency. DPS breadth, constructed from five enabled payment 
methods, achieved an alpha of 0.79, reflecting acceptable reliability. DPS integration, consisting of four 
operational linkage indicators, yielded an alpha of 0.82, demonstrating solid internal coherence. All 
constructs exceeded the 0.70 benchmark, confirming satisfactory measurement reliability for use in 
multivariate regression analysis. 
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Table 6: Item-Level Reliability Diagnostics 

Construct Item 
Corrected Item-Total 

Correlation 
Alpha if Item 

Deleted 

DPS Intensity Digital Sales Share 0.81 0.79 

DPS Intensity Digital Transaction Share 0.74 0.82 

DPS Breadth Card-Present Acceptance 0.72 0.76 

DPS Breadth Contactless Enablement 0.66 0.77 

DPS Breadth Mobile Wallet Enablement 0.63 0.78 

DPS Breadth Online Gateway Activation 0.58 0.80 

DPS Breadth Digital Invoicing Capability 0.60 0.79 

DPS 
Integration 

POS–Accounting Linkage 0.77 0.78 

DPS 
Integration 

Automated Reconciliation 0.69 0.80 

DPS 
Integration 

Inventory Workflow 
Linkage 

0.61 0.81 

DPS 
Integration 

Invoicing Automation 0.64 0.80 

 
Table 6 provided item-level diagnostics for each construct. Corrected item-total correlations ranged 
from 0.58 to 0.81, indicating moderate to strong relationships between individual items and their 
composite scales. The “alpha if item deleted” values did not exceed the original construct alphas, 
confirming that removal of any single item would not improve reliability. DPS intensity items showed 
particularly strong correlations above 0.74. Breadth and integration items also demonstrated stable 
internal consistency. These diagnostics confirmed that the constructs were psychometrically sound and 
suitable for panel regression modeling. 
Regression Results 
Panel regression models were estimated using two-way fixed effects to account for time-invariant firm 
characteristics and common time shocks across the observation period. The baseline specification 
examined the association between Digital Payment Solution (DPS) adoption and logged revenue while 
controlling for firm size, firm age, sector classification, geographic location, channel mix, and 
competitive density. The results demonstrated that DPS adoption was positively and statistically 
significantly associated with revenue. The coefficient for the adoption indicator was 0.082 and 
statistically significant at the 1% level, indicating that firms experienced an average revenue increase 
of approximately 8.2% relative to their own pre-adoption baseline. 
Usage intensity showed a stronger effect. The coefficient for digital sales share was 0.214 and 
statistically significant at the 1% level, suggesting that higher reliance on digital payments 
corresponded to materially greater revenue gains. Breadth measures were also positively associated 
with revenue, with each additional enabled payment method linked to a 3.6% increase in logged 
revenue. Integration measures, including POS-accounting linkage and invoicing automation, 
demonstrated moderate but statistically significant effects, with a coefficient of 0.051 at the 5% level. 
Dynamic panel models including lagged revenue confirmed persistence effects, with prior-period 
revenue strongly predicting current revenue. The DPS coefficients remained stable in magnitude and 
significance after accounting for persistence. Difference-in-differences and event-study models did not 
reveal statistically significant pre-adoption revenue trends, supporting causal interpretation. 
Robustness tests using revenue growth and revenue per employee as alternative dependent variables 
produced consistent directional findings. Firm-level clustered standard errors were used throughout, 
confirming that statistical significance was not driven by serial correlation. 
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Table 7: Two-Way Fixed Effects Regression Results (Dependent Variable: Logged Revenue) 

Variable Coefficient Std. Error t-value p-value 

DPS Adoption (1=Yes) 0.082 0.019 4.32 <0.001 

Digital Sales Share 0.214 0.041 5.22 <0.001 

Payment Breadth 0.036 0.014 2.57 0.010 

Integration Index 0.051 0.022 2.32 0.020 

Firm Size 0.018 0.006 3.00 0.003 

Firm Age 0.012 0.005 2.40 0.017 

Online Sales Share 0.027 0.011 2.45 0.015 

Competitive Density -0.009 0.004 -2.25 0.025 

Observations 14,400    

Firms 1,200    

R² (Within) 0.42    

 
Table 7 presented the baseline two-way fixed effects regression results. DPS adoption was positively 
associated with logged revenue, with a coefficient of 0.082 significant at the 1% level. Digital sales share 
showed the strongest effect, with a coefficient of 0.214, indicating a substantial revenue association. 
Payment breadth and integration measures also demonstrated statistically significant positive effects. 
Firm size and age were positively related to revenue, while competitive density showed a small 
negative relationship. The within R² value of 0.42 indicated that the model explained 42% of the within-
firm variation in revenue. 
 

Table 8: Dynamic and Robustness Model Results 

Variable 
Dynamic Model 

Coefficient 
Revenue Growth 

Model 
Revenue per Employee 

Model 

Lagged Revenue 0.641*** — — 

DPS Adoption 0.074*** 0.021** 0.069*** 

Digital Sales 
Share 

0.198*** 0.043*** 0.185*** 

Payment Breadth 0.031** 0.014* 0.028** 

Integration Index 0.047** 0.016* 0.039** 

Observations 13,200 14,400 14,400 

R² 0.57 0.29 0.38 

Significance levels: *p < 0.10, **p < 0.05, ***p < 0.01 

 
Table 8 summarized results from dynamic and robustness models. The dynamic specification showed 
strong revenue persistence, with a lagged revenue coefficient of 0.641 significant at the 1% level. DPS 
adoption and digital sales share remained statistically significant across all specifications. In the 
revenue growth model, digital sales share exhibited a coefficient of 0.043, confirming positive growth 
effects. Revenue per employee results also showed significant positive relationships for adoption and 
intensity. The consistency of coefficients across alternative specifications strengthened confidence in 
the robustness and stability of the estimated effects. 
Hypothesis Testing Decisions 
Hypothesis testing was conducted using coefficient estimates derived from the two-way fixed effects 
panel regression models and their associated significance levels. Each hypothesis was evaluated based 
on coefficient direction, magnitude, and statistical significance at conventional thresholds of 10%, 5%, 
and 1%. The first hypothesis, which predicted that digital payment adoption positively influenced SME 
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revenue, was supported. The adoption coefficient was positive and statistically significant at the 1% 
level, indicating that firms experienced measurable revenue gains after enabling digital payment 
systems. 
The second hypothesis, which proposed that usage intensity exerted a stronger impact on revenue than 
simple adoption, was also supported. The coefficient for digital sales share was larger in magnitude 
and more statistically significant than the adoption indicator, confirming that active usage generated 
greater revenue effects than mere capability activation. The third hypothesis, predicting that broader 
payment method enablement increased revenue, was supported at the 5% significance level. Firms 
enabling additional payment channels exhibited incremental revenue improvements relative to single-
method adopters. 
The fourth hypothesis, which suggested that integration of payment systems with operational 
workflows enhanced revenue performance, was supported at the 5% level. Integration coefficients 
remained positive and statistically significant across baseline and dynamic specifications. Additional 
robustness testing confirmed that these findings were stable under alternative dependent variable 
constructions, including revenue growth rate and revenue per employee. Collectively, the results 
provided strong empirical confirmation of the proposed theoretical framework linking digital payment 
solutions to SME revenue performance. 
 

Table 9: Summary of Hypothesis Testing Results 

Hypothesis Statement Coefficient p-value Decision 

H1 DPS adoption positively influences revenue 0.082 <0.001 Supported 

H2 Usage intensity has stronger impact than adoption 0.214 <0.001 Supported 

H3 Payment breadth increases revenue 0.036 0.010 Supported 

H4 Integration enhances revenue performance 0.051 0.020 Supported 

 
Table 9 summarized hypothesis testing outcomes. H1 was supported, as DPS adoption produced a 
coefficient of 0.082 significant at the 1% level. H2 demonstrated the strongest effect, with digital sales 
share yielding a coefficient of 0.214 significant at the 1% level, confirming that usage intensity had a 
larger revenue association than simple adoption. H3 was supported with a positive coefficient of 0.036 
significant at the 5% level. H4 was also supported, as integration measures produced a coefficient of 
0.051 significant at the 5% level, confirming consistent empirical support. 
Table 10 reported hypothesis stability across alternative model specifications. In the dynamic panel 
model, all hypotheses remained statistically significant at conventional levels. In the revenue growth 
specification, H1 and H2 maintained significance at the 5% and 1% levels respectively, while H3 and 
H4 were supported at the 10% threshold. Revenue per employee results confirmed positive and 
statistically significant relationships consistent with baseline findings. The stability of significance 
levels across models indicated that the empirical conclusions were robust and not sensitive to 
dependent variable construction or specification changes. 
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Table 10: Robustness Confirmation of Hypotheses Across Alternative Models 

Hypothesis Dynamic Model 
Revenue Growth 

Model 
Revenue per Employee 

Model 
Overall 
Stability 

H1 
Supported 

(p<0.01) 
Supported (p<0.05) Supported (p<0.01) Stable 

H2 
Supported 

(p<0.01) 
Supported (p<0.01) Supported (p<0.01) Strongly Stable 

H3 
Supported 

(p<0.05) 
Supported (p<0.10) Supported (p<0.05) Stable 

H4 
Supported 

(p<0.05) 
Supported (p<0.10) Supported (p<0.05) Stable 

 
DISCUSSION 
Digital payment solutions have increasingly become a structural component of modern commerce, and 
the present study contributed empirical evidence on how such systems relate to small business revenue 
outcomes when examined through a longitudinal panel framework. The results demonstrated that 
adoption of digital payment capabilities was associated with statistically significant increases in SME 
revenue, even after controlling for time-invariant firm characteristics and common time shocks. This 
finding aligned with a large body of technology adoption research that has historically linked 
operational digitalization to performance gains through improved efficiency, expanded market reach, 
and stronger customer convenience (Dumitriu et al., 2019). Earlier studies on electronic payment 
acceptance frequently documented that the ability to accept cards reduced lost sales arising from tender 
mismatch, especially in consumer-facing sectors where cash-only limitations can lead to immediate 
transaction abandonment. The present findings supported this logic by showing that firms experienced 
measurable revenue improvements after enabling digital payments. The results also aligned with 
established research on retail conversion behavior, which has repeatedly observed that payment 
friction functions as a final-stage barrier to purchase completion. Digital payment systems reduce 
friction by allowing faster authorization, minimizing customer effort, and improving queue flow 
during high-demand periods. Such mechanisms are consistent with observed revenue gains in the 
sample (Chen & Bellavitis, 2020). In addition, the present study’s results strengthened prior evidence 
by relying on panel estimation rather than cross-sectional comparisons, reducing the likelihood that 
revenue differences merely reflected baseline firm quality. The findings also provided stronger 
empirical grounding for the argument that digital payment adoption is not simply correlated with 
higher-performing firms but is associated with within-firm improvements over time. This contribution 
was important because earlier observational studies often faced criticism for selection bias, particularly 
the tendency for more innovative or growth-oriented SMEs to adopt earlier. The two-way fixed effects 
design reduced this concern by comparing firms to their own historical revenue levels. The persistence 
of positive coefficients across dynamic and robustness specifications further supported the 
interpretation that digital payments function as a revenue-enabling capability rather than a superficial 
technological feature (Thaichon et al., 2018). Overall, the study reinforced the idea that payment 
acceptance is a demand-side and operational driver of SME performance, consistent with earlier 
empirical and conceptual work on transaction convenience and consumer payment preference 
alignment. 
A central contribution of the study was the finding that usage intensity exerted a stronger revenue 
association than adoption status alone. This result refined earlier research that treated adoption as a 
binary outcome, suggesting that the economic value of digital payment systems is realized primarily 
through active utilization rather than mere enablement. Prior studies of information technology value 
frequently emphasized that the performance impact of digital tools depends on actual use and 
integration into business routines (Wirtz, 2019). The present results aligned with this perspective by 
showing that a higher share of sales processed digitally was associated with substantially larger 
revenue gains than the adoption indicator. This pattern was consistent with earlier evidence from 
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consumer payment behavior research suggesting that electronic payment usage can influence both 
transaction frequency and average ticket size. When customers are able to pay digitally without 
constraints, purchases may be completed more often and with less spending salience, leading to higher 
realized sales volumes. The intensity finding also supported staged adoption literature, which has 
described SMEs as moving from basic acceptance to deeper reliance on digital payments as customers 
adopt the methods and as firms gain confidence in the technology. Earlier research on technology 
diffusion frequently noted that adoption is not a single event but a process involving learning, customer 
adaptation, and workflow redesign (Li et al., 2019). The present findings were consistent with this 
process-oriented view, as intensity likely captured the extent to which digital payments had become 
normalized in the firm’s transaction environment. The results also aligned with the argument that 
digital payment intensity reflects broader operational transformation. Firms processing a larger share 
of sales digitally often possess more standardized sales recording, reduced cash handling, and 
improved reconciliation processes, all of which can support higher revenue capture. In addition, the 
stronger effect of intensity may reflect the importance of customer-side diffusion. Earlier work in two-
sided market theory emphasized that merchant acceptance becomes valuable when consumer demand 
for electronic payments is high. Intensity can be interpreted as a proxy for this consumer-side adoption, 
indicating that the firm’s customers actively used digital instruments. Therefore, the present study’s 
results extended earlier research by demonstrating that digital payment effects are not uniform across 
adopters and that the magnitude of revenue association is closely tied to the degree of usage within the 
firm’s sales portfolio (Machkour & Abriane, 2020). 
 

Figure 12: Factors Influencing Digital Payment Adoption 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The positive association between payment breadth and revenue further supported earlier research 
suggesting that expanded payment acceptance increases the probability of transaction completion and 
reduces customer friction across diverse purchasing contexts. Payment breadth in this study reflected 
the number of enabled methods and channels, including card-present acceptance, contactless 
payments, mobile wallets, online gateways, and digital invoicing (Hassan et al., 2020). Earlier studies 
of retail payments and platform competition frequently argued that tender diversity functions as a 
competitive service attribute, especially in markets where consumer preferences are heterogeneous. 
The present findings aligned with that view by showing that SMEs enabling additional payment 
methods experienced incremental revenue benefits relative to firms offering limited acceptance 
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options. This result was also consistent with research on customer convenience and channel expansion. 
As SMEs increasingly operate in omnichannel environments, customers may interact with businesses 
through multiple touchpoints, including physical storefronts, online ordering, and remote service 
delivery. Payment breadth supports these interactions by enabling transactions across contexts without 
imposing payment constraints. Earlier research on e-commerce adoption and digital service 
enablement emphasized that online payment gateways are essential for monetizing digital demand 
(Liébana-Cabanillas et al., 2018). The present findings supported this mechanism by suggesting that 
broader payment enablement correlated with higher revenue performance. The breadth effect also 
aligned with earlier behavioral studies that indicated consumers may prefer certain payment 
instruments based on context, such as using mobile wallets for speed in small-ticket purchases, cards 
for routine spending, and online gateways for remote ordering. SMEs offering multiple options reduce 
the likelihood of mismatch between consumer preference and merchant capability. The findings also 
complemented earlier diffusion studies that described contactless and wallet adoption as growing 
components of consumer payment behavior. By capturing breadth, the study reflected how SMEs can 
align with evolving consumer expectations without relying on a single method (Yao et al., 2018). 
Importantly, the breadth effect remained significant even after controlling for firm size, sector, and 
channel mix, suggesting that the relationship was not simply driven by larger or more technologically 
advanced firms. This finding strengthened earlier evidence by demonstrating that breadth adds 
explanatory value beyond adoption and intensity. Overall, the results supported the conceptual 
argument that digital payments function as a portfolio of capabilities rather than a single technology, 
and that revenue benefits increase when SMEs expand acceptance to cover multiple consumer payment 
preferences and channel needs. 
Integration measures demonstrated moderate but statistically significant associations with revenue, 
reinforcing earlier technology value research that emphasized complementarities between digital 
systems and organizational processes. Integration in this study reflected the linkage of payment 
systems with accounting platforms, automated reconciliation, invoicing automation, and inventory 
workflows (Viriyasitavat et al., 2019). Earlier studies of IT capability often argued that technology yields 
stronger performance outcomes when embedded in business routines rather than used as an isolated 
tool. The present findings supported this perspective by showing that SMEs with integrated payment 
systems experienced additional revenue benefits beyond basic adoption. This result was consistent 
with earlier evidence that operational integration improves transaction recording accuracy, reduces 
administrative time, and enhances managerial visibility into sales patterns. SMEs with integrated 
systems can more effectively track product performance, monitor cash flow, and adjust inventory 
purchasing decisions, which can indirectly influence revenue by reducing stockouts and improving 
product availability. Integration also supports more reliable customer service processes, such as 
refunds, exchanges, and dispute handling, which can influence customer retention and repeat 
purchasing (Iman, 2018). Earlier research on small business operational constraints frequently 
emphasized that SMEs face limited administrative capacity and that automation can free managerial 
time for customer engagement and strategic planning. The present integration findings aligned with 
this argument by suggesting that integration may support revenue through improved operational 
efficiency. The moderate magnitude of integration effects relative to intensity effects also aligned with 
earlier research indicating that customer-facing mechanisms often drive the largest short-run revenue 
changes, while operational integration contributes incremental benefits. The integration result further 
complemented earlier evidence on digital invoicing and accounts receivable management. In service 
and B2B contexts, invoicing automation reduces payment delays and improves revenue realization 
timing. The present study’s integration indicators likely captured these effects, supporting the 
argument that payment systems influence revenue not only by enabling transactions but also by 
accelerating and documenting payment collection. The persistence of integration effects across 
robustness models strengthened confidence that integration represents a meaningful dimension of DPS 
maturity (Litke et al., 2019).  
The control variable patterns observed in the regression models also aligned with prior SME 
performance research and provided additional interpretive context for the main DPS findings. Firm 
size and firm age were positively associated with baseline revenue, consistent with earlier studies 
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showing that larger and more established SMEs tend to generate higher sales due to broader customer 
bases, greater operational capacity, and accumulated market reputation (Baptista et al., 2020). 
Competitive density exhibited a small negative relationship with revenue, aligning with earlier market 
structure research indicating that high competition can suppress sales growth and reduce customer 
retention in local markets. Channel mix indicators revealed that online sales share was positively 
associated with revenue but also linked to higher volatility, consistent with earlier evidence that online-
heavy SMEs face more variable demand and greater exposure to platform competition. These patterns 
reinforced the importance of controlling for structural and environmental factors when estimating 
technology impacts. The stability of DPS coefficients after incorporating these controls strengthened 
the interpretation that digital payment effects were not merely proxies for firm size, maturity, or market 
advantage. Earlier studies often struggled to disentangle payment adoption from broader digital 
sophistication, particularly because firms adopting payment tools frequently adopt other technologies 
simultaneously. The fixed effects design mitigated this concern by controlling for stable firm 
differences, while time effects captured common shocks (Chawla & Kumar, 2022). The results also 
supported earlier empirical claims that digital payment adoption is shaped by market context. Firms 
in urban environments typically face stronger consumer expectations for digital payments, and 
competitive pressure may compel adoption as a baseline service feature. The present findings indicated 
that even within such contexts, revenue benefits were observable, suggesting that adoption provides 
more than mere compliance with expectations. Another important alignment with earlier research was 
the observation that revenue persistence remained strong in dynamic models. This finding was 
consistent with firm-performance literature emphasizing that revenue trajectories are path-dependent, 
influenced by customer retention and operational continuity (Dana et al., 2022). The persistence of DPS 
effects after accounting for lagged revenue suggested that payment adoption contributed incremental 
changes rather than simply reflecting existing revenue momentum. Therefore, the control variable 
results served both as validation of the model’s realism and as supporting evidence that the DPS 
variables captured meaningful revenue-relevant variation beyond standard firm characteristics. 
Robustness analyses further strengthened the credibility of the findings and aligned with 
methodological standards in prior firm-performance research. The dynamic panel specification 
confirmed that revenue persistence was substantial, yet the positive associations between DPS 
constructs and revenue remained stable (Anagnostopoulos, 2018). This result aligned with earlier 
research emphasizing that technology impacts must be interpreted in the context of ongoing revenue 
momentum and customer-base continuity. Difference-in-differences and event-study analyses did not 
reveal adverse pre-trends, supporting the interpretation that revenue changes were not driven by 
systematic pre-adoption growth differences. This finding was particularly important because earlier 
adoption studies often faced concerns that firms adopt during expansion phases or after experiencing 
revenue declines. The absence of statistically significant pre-adoption trend differences suggested that 
the observed post-adoption revenue improvements were not merely continuations of prior growth 
trajectories. The consistency of results under alternative dependent variable constructions also 
reinforced earlier empirical claims about the stability of digital payment effects. When revenue growth 
rate and revenue per employee were used as outcomes, the directional findings remained positive, 
suggesting that the results were not sensitive to the specific form of revenue measurement. This 
robustness aligned with earlier research practices that emphasize testing alternative functional forms 
and performance indicators to ensure interpretive stability (Saarikko et al., 2020). The persistence of 
breadth and integration effects across robustness models also supported earlier arguments that 
payment capability maturity matters. In addition, the use of firm-level clustered standard errors 
addressed serial correlation concerns frequently highlighted in panel econometric literature. The 
maintained significance of key coefficients after clustering suggested that results were not inflated by 
repeated observations within firms. Overall, the robustness outcomes positioned the study within 
established empirical standards and strengthened confidence in the substantive interpretation that 
digital payment adoption, usage intensity, breadth, and integration are meaningfully associated with 
SME revenue performance (Akram et al., 2021). The results also reinforced earlier methodological 
recommendations that technology impact studies benefit from triangulation across multiple 
specifications rather than reliance on a single model. 
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The findings collectively advanced understanding of how digital payment solutions relate to SME 
revenue by integrating multiple theoretical mechanisms into a unified empirical assessment. Earlier 
research often examined payments through narrow lenses, such as transaction convenience, consumer 
preference, or fee economics. The present study’s results supported a more integrated interpretation in 
which revenue changes were shaped by transaction friction reduction, two-sided market alignment, 
behavioral spending effects, operational capability development, and workflow integration (Almaiah 
et al., 2022). The stronger effect of usage intensity relative to adoption suggested that customer-side 
utilization is a central driver of revenue outcomes, consistent with consumer payment behavior 
literature. The incremental effects of breadth and integration supported the idea that DPS functions as 
a portfolio of capabilities that grows in value as firms expand acceptance and embed payment tools 
into operations. These findings aligned with earlier IT complementarity research that emphasized the 
importance of aligning technology with organizational routines. The results also highlighted the 
importance of heterogeneity across SMEs. Revenue impacts were not uniform; they varied with 
intensity, breadth, and integration levels, suggesting that the benefits of digital payments depend on 
how deeply the technology is adopted and operationalized. Earlier studies of SME technology adoption 
frequently emphasized that resource constraints shape implementation depth, and the present findings 
supported this by showing that integration effects were moderate compared to intensity effects 
(Stalmachova et al., 2021). The results also aligned with fee and merchant economics research, which 
suggested that revenue benefits may coexist with cost burdens. While the present study focused on 
revenue rather than profit, the findings indicated that revenue increases are associated with adoption 
and deeper utilization. This reinforces earlier arguments that digital payments support sales capture 
and demand conversion, even though profitability depends on fee pass-through, dispute exposure, and 
cost management. Overall, the study provided robust empirical evidence consistent with earlier 
literature while offering stronger methodological grounding through panel estimation and 
multidimensional DPS measurement (Lee & Lee, 2020). The findings contributed a detailed 
understanding of how payment adoption translates into revenue outcomes in U.S. SMEs when 
observed over time, supporting the broader scholarly view that digital payment solutions are a 
significant driver of small business commercial performance. 
CONCLUSION 
The study titled Quantitative Impact Assessment of Digital Payment Solutions on Small Business 
Revenue: Panel Data Analysis from 1,200 U.S. SMEs examined the revenue implications of digital 
payment adoption using a longitudinal firm-level dataset that captured variation across sectors, 
geographies, and operational structures within the United States. Digital payment solutions were 
conceptualized not merely as binary adoption events but as multidimensional operational capabilities 
encompassing adoption status, usage intensity, breadth of enabled payment methods, and integration 
with accounting and workflow systems. Using panel econometric techniques that controlled for time-
invariant firm heterogeneity and common macroeconomic shocks, the analysis identified a statistically 
significant positive association between digital payment adoption and logged revenue. Firms that 
transitioned into digital payment acceptance exhibited measurable increases in revenue relative to their 
own historical baselines, suggesting that payment enablement functioned as a revenue-enabling 
mechanism rather than a passive technological upgrade. The findings further indicated that usage 
intensity exerted a stronger association with revenue than adoption alone, highlighting that active 
processing of a higher share of transactions through digital channels was more consequential than 
simple capability activation. This pattern suggested that realized economic value emerged when digital 
payments became embedded in actual transaction flows and customer behavior rather than remaining 
a peripheral option. Breadth of payment enablement also demonstrated incremental revenue effects, 
implying that firms offering multiple payment methods—such as card-present, contactless, mobile 
wallet, online gateway, and invoicing capabilities—were better positioned to align with heterogeneous 
consumer preferences and reduce transaction friction across contexts. Integration measures, including 
POS-accounting linkage and automated reconciliation features, contributed additional but moderate 
revenue associations, indicating that operational embedding enhanced financial performance beyond 
transaction acceptance alone. Dynamic specifications accounting for revenue persistence confirmed 
that these relationships were robust to prior-period revenue effects, while robustness checks using 
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alternative revenue constructs such as growth rate and revenue per employee yielded consistent 
directional results. Collectively, the evidence suggested that digital payment solutions functioned 
through multiple mechanisms, including improved transaction completion, expanded channel reach, 
behavioral spending facilitation, and operational efficiency. The study thus provided quantitative 
support for the argument that digital payment systems are not merely infrastructural conveniences but 
revenue-relevant strategic assets within SME environments, particularly when adopted 
comprehensively and utilized intensively within firm operations. 
RECOMMENDATION 
Based on the quantitative evidence from the panel data analysis of 1,200 U.S. SMEs, several practical 
recommendations are warranted for small business owners, payment solution providers, and 
ecosystem stakeholders seeking to strengthen revenue outcomes through digital payment adoption. 
First, SMEs should treat digital payment solutions not as a one-time technological purchase but as an 
operational capability that requires structured implementation, consistent usage, and gradual 
expansion in feature breadth. The findings indicated that revenue benefits were strongest when firms 
not only enabled digital payment acceptance but also processed a substantial share of sales digitally, 
suggesting that adoption should be accompanied by deliberate customer-facing activation. SMEs are 
therefore recommended to actively promote digital payment options at checkout, ensure staff are 
trained to offer and process multiple payment methods confidently, and minimize transaction friction 
through reliable hardware and streamlined workflows. Second, SMEs should prioritize payment 
method breadth by enabling widely used options such as card-present transactions, contactless tap-to-
pay, and mobile wallets, while also adopting online gateways and digital invoicing when business 
models involve remote ordering, appointment-based services, or B2B billing. Offering multiple 
payment methods reduces customer payment mismatch and supports conversion across diverse 
consumer preferences, particularly in competitive markets. Third, integration should be treated as a 
revenue-supporting practice rather than a purely administrative upgrade. SMEs are recommended to 
link payment systems with accounting software, inventory workflows, and invoicing tools to reduce 
reconciliation errors, improve transaction documentation, and strengthen managerial visibility into 
sales patterns. This integration supports operational consistency and reduces hidden administrative 
burdens that can indirectly constrain revenue growth. Fourth, SMEs should evaluate payment 
providers not only based on fee rates but also based on service reliability, settlement predictability, 
support quality, and availability of integrated analytics, since these factors influence sustained usage 
intensity and customer experience. Fifth, payment providers and integrated POS platforms are 
recommended to simplify pricing structures, improve transparency in fee schedules, and provide 
onboarding and training resources tailored to micro and small enterprises, as these firms often face 
adoption barriers due to limited administrative capacity. Finally, local business support organizations 
and financial institutions are recommended to offer structured adoption assistance, including technical 
guidance and negotiated pricing access, especially for rural and resource-constrained SMEs where 
infrastructure limitations may reduce adoption feasibility. Collectively, these recommendations 
emphasized that digital payment solutions generate the greatest revenue benefits when adoption is 
paired with high utilization, broad acceptance coverage, and operational integration, making digital 
payments a strategic revenue tool rather than a basic transactional feature. 
LIMITATIONS 
Several limitations should be acknowledged when interpreting the findings of the study titled 
Quantitative Impact Assessment of Digital Payment Solutions on Small Business Revenue: Panel Data 
Analysis from 1,200 U.S. SMEs. First, although the panel data design with firm and time fixed effects 
strengthened internal validity by controlling for time-invariant heterogeneity and common shocks, the 
observational nature of the dataset limited the ability to establish definitive causal inference. Digital 
payment adoption was not randomly assigned, and despite robustness checks, dynamic specifications, 
and pre-trend analyses, unobserved time-varying confounders such as changes in marketing intensity, 
managerial strategy shifts, product repositioning, or simultaneous adoption of other digital 
technologies may have influenced revenue trajectories. Second, the study focused exclusively on 
revenue outcomes rather than profitability or net income. While revenue provides a consistent and 
observable performance metric across SMEs, it does not account for processing fees, chargebacks, fraud 
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losses, subscription costs, or broader operating expenses that may affect net financial performance. 
Consequently, the findings reflect sales capture effects rather than margin effects, and revenue 
increases do not necessarily imply proportional profit gains. Third, measurement limitations may have 
influenced construct precision. Although digital payment intensity, breadth, and integration were 
operationalized using transaction-level and system indicators, some measures may have captured 
enabled capabilities rather than actual behavioral usage in certain periods. Additionally, revenue 
reporting consistency across SMEs may have varied depending on accounting practices, transitions 
between bookkeeping systems, or aggregation differences between in-person and online channels. 
Fourth, the study was conducted within the U.S. SME context, which is characterized by high card 
penetration, developed payment infrastructure, and competitive payment provider ecosystems. These 
structural features may limit generalizability to emerging markets or regions where cash dominance 
remains prevalent and digital infrastructure is uneven. Fifth, sectoral heterogeneity was controlled 
statistically but not exhaustively explored through fully disaggregated industry-specific models, 
meaning that revenue effects may differ in magnitude across niche sectors beyond what aggregate 
coefficients capture. Sixth, the panel observation window, while sufficient for detecting adoption-
related changes, may not fully capture longer-term equilibrium adjustments or saturation effects that 
unfold over extended periods. Finally, external macroeconomic shocks, such as inflationary cycles or 
shifts in consumer spending patterns, may have influenced revenue dynamics in ways that are difficult 
to completely isolate, even with time fixed effects. These limitations suggest that while the study 
provides robust quantitative evidence of associations between digital payment solutions and SME 
revenue, interpretation should remain attentive to contextual constraints, measurement boundaries, 
and the inherent challenges of observational panel analysis. 
REFERENCES 

[1]. Adhikary, A., Diatha, K. S., Borah, S. B., & Sharma, A. (2021). How does the adoption of digital payment technologies 
influence unorganized retailers’ performance? An investigation in an emerging market. Journal of the Academy of 
Marketing Science, 49(5), 882-902.  

[2]. Adu-Baffour, F., Daum, T., & Birner, R. (2019). Can small farms benefit from big companies’ initiatives to promote 
mechanization in Africa? A case study from Zambia. Food policy, 84, 133-145.  

[3]. Akram, U., Fülöp, M. T., Tiron-Tudor, A., Topor, D. I., & Căpușneanu, S. (2021). Impact of digitalization on 
customers’ well-being in the pandemic period: Challenges and opportunities for the retail industry. International 
Journal of Environmental Research and Public Health, 18(14), 7533.  

[4]. Almaiah, M. A., Al-Rahmi, A., Alturise, F., Hassan, L., Lutfi, A., Alrawad, M., Alkhalaf, S., Al-Rahmi, W. M., Al-
sharaieh, S., & Aldhyani, T. H. (2022). Investigating the effect of perceived security, perceived trust, and information 
quality on mobile payment usage through near-field communication (NFC) in Saudi Arabia. Electronics, 11(23), 3926.  

[5]. Almanasreh, E., Moles, R., & Chen, T. F. (2019). Evaluation of methods used for estimating content validity. Research 
in social and administrative pharmacy, 15(2), 214-221.  

[6]. Alshawish, A., Abid, M. A., de Meer, H., Schauer, S., König, S., Gouglidis, A., & Hutchison, D. (2018). G-DPS: A 
game-theoretical decision-making framework for physical surveillance games. In Game Theory for Security and Risk 
Management: From Theory to Practice (pp. 129-156). Springer.  

[7]. Anagnostopoulos, I. (2018). Fintech and regtech: Impact on regulators and banks. Journal of economics and business, 
100, 7-25.  

[8]. Aziz, A., & Naima, U. (2021). Rethinking digital financial inclusion: Evidence from Bangladesh. Technology in society, 
64, 101509.  

[9]. Badran, M. F. (2021). Digital platforms in Africa: A case-study of Jumia Egypt's digital platform. Telecommunications 
Policy, 45(3), 102077.  

[10]. Baptista, J., Stein, M.-K., Klein, S., Watson-Manheim, M. B., & Lee, J. (2020). Digital work and organisational 
transformation: Emergent Digital/Human work configurations in modern organisations. The Journal of Strategic 
Information Systems, 29(2), 101618.  

[11]. Barzin, S., D'Costa, S., & Graham, D. J. (2018). A pseudo–panel approach to estimating dynamic effects of road 
infrastructure on firm performance in a developing country context. Regional Science and Urban Economics, 70, 20-34.  

[12]. Ben Arfi, W., & Hikkerova, L. (2021). Corporate entrepreneurship, product innovation, and knowledge conversion: 
the role of digital platforms. Small Business Economics, 56(3), 1191-1204.  

[13]. Caliskan, K. (2020). Data money: The socio-technical infrastructure of cryptocurrency blockchains. Economy and 
Society, 49(4), 540-561.  

[14]. Chawla, N., & Kumar, B. (2022). E-commerce and consumer protection in India: the emerging trend. Journal of 
Business Ethics, 180(2), 581-604.  

[15]. Chen, L., Nan, G., & Li, M. (2018). Wholesale pricing or agency pricing on online retail platforms: The effects of 
customer loyalty. International Journal of Electronic Commerce, 22(4), 576-608.  

[16]. Chen, Y., & Bellavitis, C. (2020). Blockchain disruption and decentralized finance: The rise of decentralized business 
models. Journal of Business Venturing Insights, 13, e00151.  



American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

250 
 

[17]. Cho, S., Lee, K., Cheong, A., No, W. G., & Vasarhelyi, M. A. (2021). Chain of values: Examining the economic impacts 
of blockchain on the value-added tax system. Journal of Management Information Systems, 38(2), 288-313.  

[18]. Ciliberti, S., & Frascarelli, A. (2018). The CAP 2013 reform of direct payments: redistributive effects and impacts on 
farm income concentration in Italy. Agricultural and Food Economics, 6(1), 19.  

[19]. Coady, D., & Dizioli, A. (2018). Income inequality and education revisited: persistence, endogeneity and 
heterogeneity. Applied Economics, 50(25), 2747-2761.  

[20]. Cohen, J. (2018). Defining identification: A theoretical look at the identification of audiences with media characters. 
In Advances in foundational mass communication theories (pp. 253-272). Routledge.  

[21]. Czúcz, B., Arany, I., Potschin-Young, M., Bereczki, K., Kertész, M., Kiss, M., Aszalós, R., & Haines-Young, R. (2018). 
Where concepts meet the real world: A systematic review of ecosystem service indicators and their classification 
using CICES. Ecosystem Services, 29, 145-157.  

[22]. Dana, L.-P., Salamzadeh, A., Mortazavi, S., & Hadizadeh, M. (2022). Investigating the impact of international markets 
and new digital technologies on business innovation in emerging markets. Sustainability, 14(2), 983.  

[23]. Diniz, E. H., Siqueira, E. S., & Van Heck, E. (2019). Taxonomy of digital community currency platforms. Information 
Technology for Development, 25(1), 69-91.  

[24]. Dumitriu, D., Militaru, G., Deselnicu, D. C., Niculescu, A., & Popescu, M. A.-M. (2019). A perspective over modern 
SMEs: Managing brand equity, growth and sustainability through digital marketing tools and techniques. 
Sustainability, 11(7), 2111.  

[25]. Elangovan, N., & Sundaravel, E. (2021). Method of preparing a document for survey instrument validation by 
experts. MethodsX, 8, 101326.  

[26]. Faysal, K., & Shamsunnahar, C. (2022). Digital Ledger Optimization Techniques for Enhancing Transaction Speed 
and Reporting Accuracy in Accounting Systems. American Journal of Scholarly Research and Innovation, 1(02), 171–222. 
https://doi.org/10.63125/33t06k57  

[27]. Faysal, K., & Tahmina Akter Bhuya, M. (2024). Automated Financial Reconciliation Systems for Enhancing Efficiency 
and Transparency in Enterprise Accounting Workflows. International Journal of Business and Economics Insights, 4(4), 
134–172. https://doi.org/10.63125/0mf6qw97  

[28]. Ferrer-Conill, R., & Tandoc Jr, E. C. (2018). The audience-oriented editor: Making sense of the audience in the 
newsroom. Digital Journalism, 6(4), 436-453.  

[29]. Fox, M. P., MacLehose, R. F., & Lash, T. L. (2021). Applying quantitative bias analysis to epidemiologic data (Vol. 10). 
Springer.  

[30]. Gallardo-Gallardo, E., Thunnissen, M., & Scullion, H. (2020). Talent management: context matters. In (Vol. 31, pp. 
457-473): Taylor & Francis. 

[31]. Gebauer, H., Arzt, A., Kohtamäki, M., Lamprecht, C., Parida, V., Witell, L., & Wortmann, F. (2020). How to convert 
digital offerings into revenue enhancement–Conceptualizing business model dynamics through explorative case 
studies. Industrial Marketing Management, 91, 429-441.  

[32]. Goodell, G., Toliver, D., & Nakib, H. D. (2022). A scalable architecture for electronic payments. International 
Conference on Financial Cryptography and Data Security,  

[33]. Górka, J. (2018). Interchange Fee Economics. Interchange Fee Economics. https://doi. org/10.1007/978-3-030-03041-4.  
[34]. Habibullah, S. M., & Zaheda, K. (2022). Topology-Optimized, 3D-Printed Thermal Management for Wide-Bandgap 

Power Electronics in High-Efficiency Drives. Journal of Sustainable Development and Policy, 1(02), 134-167. 
https://doi.org/10.63125/p8m2p864  

[35]. Hall, J. A., & Schwartz, R. (2019). Empathy present and future. The Journal of social psychology, 159(3), 225-243.  
[36]. Hartley, P. R., Medlock III, K. B., & Jankovska, O. (2019). Electricity reform and retail pricing in Texas. Energy 

Economics, 80, 1-11.  
[37]. Hassan, M. A., Shukur, Z., & Hasan, M. K. (2020). An efficient secure electronic payment system for e-commerce. 

computers, 9(3), 66.  
[38]. Hassan, M. A., Shukur, Z., & Hasan, M. K. (2021). Electronic wallet payment system in Malaysia. In Data Analytics 

and Management: Proceedings of ICDAM (pp. 711-736). Springer.  
[39]. Heidt, M., Gerlach, J. P., & Buxmann, P. (2019). Investigating the security divide between SME and large companies: 

How SME characteristics influence organizational IT security investments. Information Systems Frontiers, 21(6), 1285-
1305.  

[40]. Hewelt, M., Pufahl, L., Mandal, S., Wolff, F., & Weske, M. (2020). Toward a methodology for case modeling. Software 
and Systems Modeling, 19(6), 1367-1393.  

[41]. Iman, N. (2018). Is mobile payment still relevant in the fintech era? Electronic Commerce Research and Applications, 30, 
72-82.  

[42]. Jahangir, S., & Md Shahab, U. (2022). A Qualitative Study of Safety Professionals’ Experiences in Managing Chemical 
Exposure Risks and Hazardous Materials Controls in Industrial Facilities. Review of Applied Science and Technology, 
1(04), 250–282. https://doi.org/10.63125/jmh69r20  

[43]. Jahangir, S., & Muhammad Mohiul, I. (2023). EHS Analytics for Improving Hazard Communication, Training 
Effectiveness, and Incident Reporting in Industrial Workplaces. American Journal of Interdisciplinary Studies, 4(02), 126-
160. https://doi.org/10.63125/ccy4x761  

[44]. Jinnat, A., & Molla Al Rakib, H. (2023). Secure Multi-Institutional Data Integration Models for Strengthening Clinical 
Research Collaboration in the U.S. Health Sector. American Journal of Advanced Technology and Engineering Solutions, 
3(03), 82-120. https://doi.org/10.63125/qqe4sh98  

https://doi.org/10.63125/33t06k57
https://doi.org/10.63125/0mf6qw97
https://doi/
https://doi.org/10.63125/p8m2p864
https://doi.org/10.63125/jmh69r20
https://doi.org/10.63125/ccy4x761
https://doi.org/10.63125/qqe4sh98


American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

251 
 

[45]. Karsai, G. (2018). From modeling to model-based programming. International Symposium on Leveraging 
Applications of Formal Methods,  

[46]. Kerr, N., Gillard, R., & Middlemiss, L. (2019). Politics, problematisation, and policy: A comparative analysis of energy 
poverty in England, Ireland and France. Energy and Buildings, 194, 191-200.  

[47]. Khan, A. W., & Abdul Subhan, Q. (2019). Impact of board diversity and audit on firm performance. Cogent Business 
& Management, 6(1), 1611719.  

[48]. Lee, C., & Kim, H. (2018). The evolutionary trajectory of an ICT ecosystem: A network analysis based on media users’ 
data. Information & Management, 55(6), 795-805.  

[49]. Lee, S. M., & Lee, D. (2020). “Untact”: a new customer service strategy in the digital age: SM Lee, D. Lee. Service 
Business, 14(1), 1-22.  

[50]. Li, F., Frederick, S., & Gereffi, G. (2019). E-commerce and industrial upgrading in the Chinese apparel value chain. 
Journal of Contemporary Asia, 49(1), 24-53.  

[51]. Liébana-Cabanillas, F., Muñoz-Leiva, F., & Sánchez-Fernández, J. (2018). A global approach to the analysis of user 
behavior in mobile payment systems in the new electronic environment. Service Business, 12(1), 25-64.  

[52]. Litke, A., Anagnostopoulos, D., & Varvarigou, T. (2019). Blockchains for supply chain management: Architectural 
elements and challenges towards a global scale deployment. Logistics, 3(1), 5.  

[53]. Lyne, M. C., Jonas, N., & Ortmann, G. F. (2018). A quantitative assessment of an outsourced agricultural extension 
service in the Umzimkhulu District of KwaZulu-Natal, South Africa. The Journal of Agricultural Education and 
Extension, 24(1), 51-64.  

[54]. Machkour, B., & Abriane, A. (2020). Industry 4.0 and its Implications for the Financial Sector. Procedia Computer 

Science, 177, 496-502.  
[55]. Mandviwalla, M., & Flanagan, R. (2021). Small business digital transformation in the context of the pandemic. 

European Journal of Information Systems, 30(4), 359-375.  
[56]. Martins, A., Branco, M. C., Melo, P. N., & Machado, C. (2022). Sustainability in small and medium-sized enterprises: 

A systematic literature review and future research agenda. Sustainability, 14(11), 6493.  
[57]. Mastronardi, L., & Cavallo, A. (2020). The spatial dimension of income inequality: An analysis at municipal level. 

Sustainability, 12(4), 1622.  
[58]. Maurer, B., Nelms, T. C., & Rea, S. C. (2018). ‘Bridges to cash’: Channelling agency in mobile money. In Linguistic and 

material intimacies of cell phones (pp. 69-98). Routledge.  
[59]. Md Khaled, H., & Md. Mosheur, R. (2023). Machine Learning Applications in Digital Marketing Performance 

Measurement and Customer Engagement Analytics. Review of Applied Science and Technology, 2(03), 27–66. 
https://doi.org/10.63125/hp9ay446  

[60]. Md Shahab, U., & Aditya, D. (2023). Risk Mitigation and Resilience Modeling for Consumer Distribution Networks 
During Demand Shocks: A Quantitative Stochastic Optimization and Scenario Analysis Study. International Journal 
of Scientific Interdisciplinary Research, 4(2), 01–30. https://doi.org/10.63125/jkevvq84  

[61]. Md. Towhidul, I., & Uddin, M. D. S. (2024). Simulation-Based Forecasting and Inventory Control Models For 
Consumer Goods Networks: A Quantitative Study Using Monte Carlo Simulation and Time-Series Methods. Review 
of Applied Science and Technology, 3(04), 165–197. https://doi.org/10.63125/a3047d06  

[62]. Merat, N., Seppelt, B., Louw, T., Engström, J., Lee, J. D., Johansson, E., Green, C. A., Katazaki, S., Monk, C., & Itoh, 
M. (2019). The “Out-of-the-Loop” concept in automated driving: proposed definition, measures and implications. 
Cognition, Technology & Work, 21(1), 87-98.  

[63]. Miles, M. P., & Morrison, M. (2020). An effectual leadership perspective for developing rural entrepreneurial 
ecosystems. Small Business Economics, 54(4), 933-949.  

[64]. Miller, E. J. (2018). Accessibility: measurement and application in transportation planning. Transport Reviews, 38(5), 
551-555.  

[65]. Mishra, V., Walsh, I., & Srivastava, A. (2022). Merchants’ adoption of mobile payment in emerging economies: the 
case of unorganised retailers in India. European Journal of Information Systems, 31(1), 74-90.  

[66]. Moghavvemi, S., Mei, T. X., Phoong, S. W., & Phoong, S. Y. (2021). Drivers and barriers of mobile payment adoption: 
Malaysian merchants' perspective. Journal of Retailing and Consumer Services, 59, 102364.  

[67]. Mostafa, K. (2023). An Empirical Evaluation of Machine Learning Techniques for Financial Fraud Detection in 
Transaction-Level Data. American Journal of Interdisciplinary Studies, 4(04), 210-249. 
https://doi.org/10.63125/60amyk26  

[68]. Mostafa, K., & Tahmina Akter Bhuya, M. (2023). Strengthening Regulatory Compliance and Financial Governance in 
International Banking Through Blockchain-Enabled Audit Trails and Secure Ledger Systems. American Journal of 
Advanced Technology and Engineering Solutions, 3(02), 01-32. https://doi.org/10.63125/e6k0e047  

[69]. Muchtar, D., Mat Nor, F., Albra, W., Arifai, M., & Ahmar, A. S. (2018). Dynamic performance of Indonesian public 
companies: An analysis of financial decision behavior. Cogent Economics & Finance, 6(1), 1488343.  

[70]. Müller, O., Fay, M., & Vom Brocke, J. (2018). The effect of big data and analytics on firm performance: An econometric 
analysis considering industry characteristics. Journal of Management Information Systems, 35(2), 488-509.  

[71]. Mustapha, S. A. (2018). E-Payment technology effect on bank performance in emerging economies–evidence from 
Nigeria. Journal of Open Innovation: Technology, Market, and Complexity, 4(4), 43.  

[72]. Noori-daryan, M., Taleizadeh, A. A., & Govindan, K. (2018). Joint replenishment and pricing decisions with different 
freight modes considerations for a supply chain under a composite incentive contract. Journal of the Operational 
Research Society, 69(6), 876-894.  

https://doi.org/10.63125/hp9ay446
https://doi.org/10.63125/jkevvq84
https://doi.org/10.63125/a3047d06
https://doi.org/10.63125/60amyk26
https://doi.org/10.63125/e6k0e047


American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

252 
 

[73]. Peter, I.-K., & Petermann, F. (2018). Cyberbullying: A concept analysis of defining attributes and additional 
influencing factors. Computers in human behavior, 86, 350-366.  

[74]. Ratul, D. (2022). Engineering Resilient Flood Mitigation Using Geosynthetic and Composite Barrier Materials 
Performance Modeling and Environmental Impact Assessment. Review of Applied Science and Technology, 1(03), 100–
148. https://doi.org/10.63125/052q7d44  

[75]. Ratul, D., & Aditya, D. (2023). AI-Driven Change Detection Using SAR, LIDAR, And Sentinel-2 Data for Landslide 
Monitoring and Disaster Early Warning Systems. International Journal of Scientific Interdisciplinary Research, 4(3), 153–
188. https://doi.org/10.63125/4y740y95  

[76]. Ratul, D., & Subrato, S. (2022). Remote Sensing Based Integrity Assessment of Infrastructure Corridors Using Spectral 
Anomaly Detection and Material Degradation Signatures. American Journal of Interdisciplinary Studies, 3(04), 332-364. 
https://doi.org/10.63125/1sdhwn89  

[77]. Rifat, C., & Rebeka, S. (2023). The Role of ERP-Integrated Decision Support Systems in Enhancing Efficiency and 
Coordination In Healthcare Logistics: A Quantitative Study. International Journal of Scientific Interdisciplinary Research, 
4(4), 265–285. https://doi.org/10.63125/c7srk144  

[78]. Ronoowah, R. K., & Seetanah, B. (2022). Corporate governance, capital structure, and firm performance: a panel VAR 
approach. SN Business & Economics, 3(1), 14.  

[79]. Roussou, I., Stiakakis, E., & Sifaleras, A. (2019). An empirical study on the commercial adoption of digital currencies: 
I. Roussou et al. Information Systems and e-Business Management, 17(2), 223-259.  

[80]. Rubin, M. M., Peters, J., & Mantell, N. (2019). Revenue forecasting and estimation. In Handbook on taxation (pp. 769-
800). Routledge.  

[81]. Saarikko, T., Westergren, U. H., & Blomquist, T. (2020). Digital transformation: Five recommendations for the 
digitally conscious firm. Business horizons, 63(6), 825-839.  

[82]. Saiedi, E., Broström, A., & Ruiz, F. (2021). Global drivers of cryptocurrency infrastructure adoption. Small Business 
Economics, 57(1), 353-406.  

[83]. Sazzadul, I., & Rebeka, S. (2024). VaR and CVaR-Based Stress Testing Using Deep Learning for Liquidity Risk 
Forecasting and Banking Stability Assessment. Review of Applied Science and Technology, 3(03), 01–30. 
https://doi.org/10.63125/291phs66  

[84]. Schlatt, V., Sedlmeir, J., Feulner, S., & Urbach, N. (2022). Designing a framework for digital KYC processes built on 
blockchain-based self-sovereign identity. Information & Management, 59(7), 103553.  

[85]. Shree, S., Pratap, B., Saroy, R., & Dhal, S. (2021). Digital payments and consumer experience in India: a survey based 
empirical study. Journal of Banking and Financial Technology, 5(1), 1-20.  

[86]. Somoye, O. A., Ozdeser, H., & Seraj, M. (2022). Modeling the determinants of renewable energy consumption in 
Nigeria: Evidence from Autoregressive Distributed Lagged in error correction approach. Renewable Energy, 190, 606-
616.  

[87]. Stalmachova, K., Chinoracky, R., & Strenitzerova, M. (2021). Changes in business models caused by digital 
transformation and the COVID-19 pandemic and possibilities of their measurement—case study. Sustainability, 14(1), 
127.  

[88]. Stubbs, T., Reinsberg, B., Kentikelenis, A., & King, L. (2020). How to evaluate the effects of IMF conditionality: An 
extension of quantitative approaches and an empirical application to public education spending. The Review of 
International Organizations, 15(1), 29-73.  

[89]. Sutcliffe, A., Sawyer, P., & Bencomo, N. (2022). The implications of ‘soft’requirements. 2022 IEEE 30th International 
Requirements Engineering Conference (RE),  

[90]. Tahmina Akter Bhuya, M., & Rebeka, S. (2022). AI-Assisted Underwriting Models for Improving Risk Assessment 
Accuracy in U.S. Insurance Markets. American Journal of Interdisciplinary Studies, 3(01), 65-102. 
https://doi.org/10.63125/kegg1076  

[91]. Tasnim, K., & Anick, K. M. T. A. (2024). PLC–SCADA–Integrated Electrical Automation Frameworks for Process 
Optimization in Water and Wastewater Treatment Facilities. Review of Applied Science and Technology, 3(01), 221–262. 
https://doi.org/10.63125/y1145g11  

[92]. Taveira, J. G., Gonçalves, E., & Freguglia, R. D. S. (2019). The missing link between innovation and performance in 
Brazilian firms: a panel data approach. Applied Economics, 51(33), 3632-3649.  

[93]. Thaichon, P., Surachartkumtonkun, J., Quach, S., Weaven, S., & Palmatier, R. W. (2018). Hybrid sales structures in 
the age of e-commerce. Journal of Personal Selling & Sales Management, 38(3), 277-302.  

[94]. Tounekti, O., Ruiz-Martínez, A., & Gómez, A. F. S. (2019). Users supporting multiple (mobile) electronic payment 
systems in online purchases: An empirical study of their payment transaction preferences. IEEE access, 8, 735-766.  

[95]. Trinugroho, I., Pamungkas, P., Wiwoho, J., Damayanti, S. M., & Pramono, T. (2022). Adoption of digital technologies 
for micro and small business in Indonesia. Finance Research Letters, 45, 102156.  

[96]. Ünal, E., Urbinati, A., Chiaroni, D., & Manzini, R. (2019). Value Creation in Circular Business Models: The case of a 
US small medium enterprise in the building sector. Resources, conservation and recycling, 146, 291-307.  

[97]. Viriyasitavat, W., Da Xu, L., Bi, Z., & Pungpapong, V. (2019). Blockchain and internet of things for modern business 
process in digital economy—the state of the art. IEEE transactions on computational social systems, 6(6), 1420-1432.  

[98]. Wiig, S., Aase, K., Billett, S., Canfield, C., Røise, O., Njå, O., Guise, V., Haraldseid-Driftland, C., Ree, E., & Anderson, 
J. E. (2020). Defining the boundaries and operational concepts of resilience in the resilience in healthcare research 
program. BMC health services research, 20(1), 330.  

[99]. Wirtz, B. W. (2019). Digital business models. Springer.  

https://doi.org/10.63125/052q7d44
https://doi.org/10.63125/4y740y95
https://doi.org/10.63125/1sdhwn89
https://doi.org/10.63125/c7srk144
https://doi.org/10.63125/291phs66
https://doi.org/10.63125/kegg1076
https://doi.org/10.63125/y1145g11


American Journal of Scholarly Research and Innovation, December 2024, 217– 253 

253 
 

[100]. Wolff, K., Larsen, S., & Øgaard, T. (2019). How to define and measure risk perceptions. Annals of Tourism Research, 
79, 102759.  

[101]. Yao, M., Di, H., Zheng, X., & Xu, X. (2018). Impact of payment technology innovations on the traditional financial 
industry: A focus on China. Technological Forecasting and Social Change, 135, 199-207.  

[102]. Zaheda, K., & Md Hamidur, R. (2024). GPU-Accelerated Physics-Informed Digital Twins for Real-Time State 
Estimation and Fault Localization in Distribution Grids. American Journal of Scholarly Research and Innovation, 3(02), 
179-216. https://doi.org/10.63125/msrpfb04  

[103]. Zaheda, K., & Md. Tahmid Farabe, S. (2023). Robotics and Computer Vision for Automated Inspection of Substation 
and Treatment-Facility Electrical Infrastructure. Review of Applied Science and Technology, 2(04), 194-227. 
https://doi.org/10.63125/tfh15j12  

[104]. Žičkienė, A., Melnikienė, R., Morkūnas, M., & Volkov, A. (2022). CAP direct payments and economic resilience of 
agriculture: impact assessment. Sustainability, 14(17), 10546.  

 

https://doi.org/10.63125/msrpfb04
https://doi.org/10.63125/tfh15j12

